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Abstract

This study presents a novel fractional order dynamical system modeling of disease-mediated predator-prey in-

teractions under climatic stressors. The framework incorporates: (i) temperature dependent growth reduction
(ii) wind modulated predation efficiency (iii) disease mediated predator through a time fractional derivative for-

mulation. We thoroughly examine the qualitative properties, in order to establish sufficient conditions for the

existence, positivity, and uniqueness of solutions. We also look into the quantitative behavior of the system by
analyzing the stability of positive equilibrium points, and derive criteria for both local and global stability. We

conduct comprehensive numerical simulations to verify our theoretical conclusions, showing that analytical results

remain consistent under different parameteric impacts.
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1. Introduction

A fractional calculus constitutes a paradigm-shifting framework within mathematical biology, offering a sophis-
ticated mathematical formalism that elegantly bridges the gap between the abstract theoretical constructs and the
intricate realities of biological systems. With the rapid evolution of high-performance computational methodologies
and the proliferation of cross-disciplinary research synergies, fractional mathematical biology is emerging as a corner-
stone for groundbreaking advances in mechanistic disease modeling, spatially heterogeneous ecological interactions,
and next-generation biomedical engineering. This developing field promotes a deeper and more comprehensive un-
derstanding of the fundamental mathematical concepts underlying biological processes in addition to improving the
precision of quantitative predictions. Also, fractional calculus allows a nuanced depiction of how organisms and ecosys-
tems respond over time to temperature fluctuations, altered precipitation, and other climatic pressures [9, 20, 24, 25].
This reveals that biological responses to climate stress are rarely instantaneous or linear, often leading to unexpected
shifts in population dynamics, disease spread, and ecosystem stability. These biological responses are effectively regu-
lated by various types of functional mechanisms like Holling type functional responses and others [12, 15, 26, 28]. By
embracing the nonlocal and history-dependent nature of these interactions, fractional models offer deeper insight into
the resilience and vulnerability of biological systems under the relentless influence of a changing climate’s stressors.

Global warming, characterized by rising global temperatures, altered precipitation patterns, and shifting habitat
availability, profoundly reshapes predator-prey dynamics across ecosystems. Reduced prey abundance or diminished
prey body condition, often a consequence of climate extremes can exacerbate food scarcity for predators, leading to
decreased feeding rates and slower predator population growth. In some cases, warming may also reduce ingestion
efficiency in predators, increasing their vulnerability to starvation despite higher metabolic rates. Warming can
suppress prey metabolism and activity, reducing their capacity to evade predation, while also influencing the production
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and transmission of sensory cues that mediate predator-prey interactions. Climate-induced temperature shifts alter
predator functional responses, affecting predation rates, population dynamics, and species sustainability by modifying
predator functional responses [22, 23]. Zimova et al. [33] demonstrated that climate change can restructure predator-
prey interactions, with cascading effects on population stability. Similarly, Post et al. [32] documented the ecological
consequences of predator behavioral responses to global climate change, emphasizing the role of temperature in shaping
trophic dynamics. Laws et al. [15] explains that temperature changes can affect metabolic rates, behavior and
distribution of species, leading to altered food web dynamics. Later on Panja [17] investigates that global warming
negatively affects the growth rate of prey, which in turn influences predator populations. Sekeri [27] modeled climate
variability via fractional derivatives, enabling advanced analytical treatments of ecological stressors in subsequent
studies.

Wind flow exhibits varying patterns and speeds, which can influence a species’ sensory perception and impact its
capacity to recognize predatory signs. The particular predator species involved determines how wind affects predation.
Windy conditions may disrupt the movement of certain organisms, reducing predator efficiency by dislodging, slowing,
or otherwise hindering them. This leads to decreased predation rates, ultimately benefiting prey populations and wind
interference diminishes predator search efficiency, negatively affecting hunting success. Increased wind flow causes
predators to search less effectively and handle prey for longer periods of time. On the other side, handling time stays
the same when there is no wind. The longer it takes for predators to get prey, the stronger the wind. Extreme
wind conditions can make it impossible for predators to find prey at all. In natural environments, wind speed varies
throughout time instead of staying steady. As a result, wind needs to be represented as a time-dependent variable.
Through the modification of functional responses, Barman et al. [2] investigate how wind can both promote and
prevent predation. The impact of periodically fluctuating wind flow on system stability and bifurcation behavior is
also examined. Panja [19] discovers that depending on how the wind interacts with the behavior of the prey, it can
either stabilize or destabilize the system.

In prey-predator models, disease transmission is typically modeled as a function of direct contact between susceptible
and infected individuals, with the transmission rate depending on the frequency and intensity of such interactions. The
transmission of the disease to susceptible individuals is facilitated through direct contact with infected individuals,
encapsulated by the incidence of transmission term. This process depends on a critical threshold of interaction between
susceptible and infected hosts. Notably, the limited mobility of individuals constrains the frequency of such contacts
within a given time frame, thereby influencing the overall disease dynamics. The disease transmission only in prey
density, only in predator density and in both population density have been studied [4, 7, 10, 11].

Further, Thirthar et al. [30, 31] investigated a model incorporating disease transmission along with global warming,
impact of wind flow, effects of predator hunting, prey fear including global warming. Also, they extended the research in
fractional-order derivatives which established the axiomatic basis of our framework [8, 13, 28, 29]. From the foregoing
investigations, we propose a theoretical framework in which global warming exerts cascading effects on both prey
and predator populations in Caputo’s sense. Specifically, rising temperatures increase predation rates and predator
abundance, thereby intensifying pressure on prey populations. To mitigate this imbalance, disease transmission is
introduced as a compensatory mechanism within the predator population. This dynamic reduces predator numbers,
alleviating predation pressure on the prey. Furthermore, infected predators impaired in their ability to hunt become
dependent on susceptible predators for sustenance.

In this paper, Section 2 deals with the definitions, theorems, and lemmas used throughout the paper and the system
is formulated with some assumptions in Section 3. Also, the existence of well-defined unique solution and that solutions
remains in a non-negative feasible region are investigated. The general stability analysis of the system is discussed in
Section 4. To enhance the above analytical solutions, Section 5 discusses the numerical simulations that impacts the
postulated model.

2. Preliminaries

Some basic definitions and properties of fractional calculus are provided in this section [1, 14, 18–21].
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Definition 2.1. [1, 14] Let g : R+ → R be a Lebesgue integrable function. The Riemann-Liouville fractional integral
of order η > 0 is defined as

Iηg(t) =
1

Γ(η)

∫ t

t0

(t− τ)η−1g(τ)dτ,

and for a sufficiently differentiable function g(t) and m− 1 < η < m, the Caputo fractional order derivative is given
by

Dη
t g(t) =

1

Γ(m− η)

∫ t

t0

(t− τ)m−η−1g(m)(τ)dτ,

where Γ(η) is the Euler’s Gamma function.

Lemma 2.2. [1, 3] Let 0 < η ≤ 1 and ρ < 0. Then, Eη,η(ρt
η) and Eη,η+1(ρt

η) tend monotonically to zero as t→ ∞.

Lemma 2.3. [1, 3]Let 0 < η < 1 and | arg(ρ)| > πη/2. Then, one has tηEη,η+1(γt
η) = 1

ρ − 1
Γ(1−η)ρ2tη +

O
(

1
ρ2tη

)
, as t→ ∞.

Here Eα,α(·) is a two parameter family of Mittag-Leffler function [14, 21].

Theorem 2.4. [18, 20] Consider the fractional-order system{
Dη

t Pi(t) = g(Pi),

Pi(t0) = Pi0 , with η ∈ (0, 1)and Pi ∈ R3
+, i = (x, y, z).

This equilibrium point P ∗
i is l.a.s ( locally asymptotically stable) if all the eigenvalues ψj of the Jacobian matrix

J =
∂g(P ∗

i )
∂Pi

satisfy |arg(ψj)| > ηπ
2 .

Theorem 2.5. [19] Assume the function g(t) ∈ R+ that implies continuity and differentiability. Then, for any time
t > t0,

Dη
t

[
g(t)− g∗ − g∗ ln

g(t)

g∗

]
≤

(
1− g∗

g(t)

)
Dη

t g(t), g
∗ ∈ R+, ∀η ∈ (0, 1).

3. Formulation of the system

The fractional-order system is postulated under the following assumptions:

(1) Let Px, Py and Pz are denoted as the prey, the meso predator, the apex predator respectively. The prey
density Px follows logistic growth with an intrinsic rate r > 0 and carrying capacity k > 0. The impact of
global warming on prey population dynamics is modeled by the term:

ψ(Px) =
1

1 + g1Px
,

where g1 > 0 represents the global warming intensity coefficient on prey. The global warming effect exhibits
the following limiting behaviors:

• As g1 → 0+, the global warming effect becomes negligible:

lim
g1→0+

ψ(Px) = 1.

• As g1 → ∞, the global warming effect dominates:

lim
g1→∞

ψ(Px) = 0.

(2) The mesopredator Py exhibits a functional response, which is nonlinear
(1+g2Py)(1+wf )PxPy

1+h(1+g2Py)(1+wf )Px
. Here, we assume

1
1+g2Py

, g2 > 0 is the global warming intensity coefficient on predators that quantifies the temperature-

dependent modulation of predator hunting efficiency. We examine the limiting behavior of the system under
two extreme climatic scenarios:
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• As g2 → 0+, the functional response reduces to classical Beddington-DeAngelis form:

F(Px, Py) →
(1 + wf )PxPy

1 + h(1 + wf )Px
,

where predation remains strictly prey-limited, it reduces to standard predator-prey dynamics with baseline
hunting efficiency (1 + wf ), unaffected by warming-induced changes in predation.

• As g2 → ∞, the predation dynamics exhibit saturation behavior:

F(Px, Py) →
Py

h
,

where the prey population density loses its dependence on predator abundance, and predator population
growth approaches a maximum rate constrained solely by the handling time h.

(3) ξ(wf ) = 1 + wf is the wind flow dependent on the handling time (h) of the prey density with the following
hypothetical assumptions:

• ξ(0) = 1, no wind implies no change in handling time.
• ξ′(wf ) > 0 for all wf > 0, handling time increases with wind speed.

(4) The apex predator Pz exhibits functional response
δPyPz

Py+Pz
that represents the transmission of disease to the

meso predator. The disease transmission rate is denoted by δ.
(5) We also denote that m1 and m2 are the fatality rate of the meso and the apex predators respectively.

By the above-mentioned assumptions, the system of Caputo fractional differential equations that modeled the temporal
evolution of the prey-predator system is given by:

Dη
t Px =

rPx

1 + g1Px

(
1− Px

k

)
− (1 + g2Py) (1 + wf )PxPy

1 + h (1 + g2Py) (1 + wf )Px
,

Dη
t Py =

(1 + g2Py) (1 + wf )PxPy

1 + h (1 + g2Py) (1 + wf )Px
− δPyPz

Py + Pz
−m1Py,

Dη
t Pz =

δPyPz

Py + Pz
−m2Pz,

(3.1)

with the prerequisites of the system (3.1) of order η ∈ (0, 1):

Px(t0) = Px0 ≥ 0, Py(t0) = Py0 ≥ 0, Pz(t0) = Pz0 ≥ 0. (3.2)

Define ℵ = {(Px, Py, Pz) ∈ R3
+ : max(|Px|, |Py|, |Pz|) ≤ N} for some N > 0.

3.1. Existence of a unique well-defined solution.

Theorem 3.1. Given an arbitrary non-negative prerequisites of the sytem (3.1), determines a unique solution Y (t) ∈
ℵ, ∀t ≥ t0.

Proof. Given that an appropriate prerequisites in the region ℵ × (t0, T ], T < ∞. Let us consider the solutions of the

system be Y = (Px, Py, Pz) and Ŷ = (P̂x, P̂y, P̂z). Let P (Y ) = (P1(Y ), P2(Y ), P3(Y )) and

P1(Y ) =
rPx

1 + g1Px

(
1− Px

k

)
− (1 + g2Py) (1 + wf )PxPy

1 + h (1 + g2Py) (1 + wf )Px
,

P2(Y ) =
(1 + g2Py)(1 + wf )P

2
xPy

1 + h(1 + g2Py)(1 + wf )P 2
x

−
δP 2

yP
2
z

P 2
y + P 2

z

−m1Py,

P3(Y ) =
δPyPz

Py + Pz
−m2Pz.

For any Y, Ŷ ∈ ℵ, we have

∥P (Y )− P (Ŷ )∥ = |P1(Y )− P1(Ŷ )|+ |P2(Y )− P2(Ŷ )|+ |P3(Y )− P3(Ŷ )|
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=

∣∣∣∣∣ rPx

1 + g1Px

(
1− Px

k

)
− (1 + g2Py)(1 + wf )PxPy

1 + h(1 + g2Py)(1 + wf )Px
− rP̂x

1 + g1P̂x

(
1− P̂x

k

)

+
(1 + g2P̂y)(1 + wf )P̂xP̂y

1 + h(1 + g2P̂y)(1 + wf )P̂x

∣∣∣∣∣+
∣∣∣∣∣ (1 + g2Py)(1 + wf )PxPy

1 + h(1 + g2Py)(1 + wf )Px
− δPyPz

Py + Pz

−m1Py − (1 + g2P̂y)(1 + wf )P̂xP̂y

1 + h(1 + g2P̂y)(1 + wf )P̂x

+
δP̂yP̂z

P̂y + P̂z

+m1P̂y

∣∣∣∣∣+
∣∣∣∣∣ δPyPz

Py + Pz
−m2Pz −

δP̂yP̂z

P̂y + P̂z

+m2P̂z

∣∣∣∣∣
≤

∣∣∣∣∣r. Px − P̂x

(1 + g1Px)(1 + g1P̂x)
−

(
r

k
.

Px
2

(1 + g1Px)
− P̂x

2

k(1 + g1P̂x)

)
−

(
(1 + g2Py)(1 + wf )PxPy

1 + h(1 + g2Py)(1 + wf )Px

− (1 + g2P̂y)(1 + wf )P̂xP̂y

1 + h(1 + g2P̂y)(1 + wf )P̂x

)∣∣∣∣∣+
∣∣∣∣∣− δ

(
PyPz

Py + Pz
− P̂yP̂z

P̂y + P̂z

)
−
(
m1Py −m1P̂y

)
+

(
(1 + g2Py)(1 + wf )PxPy

1 + h(1 + g2Py)(1 + wf )Px
− (1 + g2P̂y)(1 + wf )P̂xP̂y

1 + h(1 + g2P̂y)(1 + wf )P̂x

)∣∣∣∣∣
+

∣∣∣∣∣δ
(

PyPz

Py + Pz
− P̂yP̂z

P̂y + P̂z

)
−
(
m2Pz −m2P̂z

)∣∣∣∣∣
≤

∣∣∣∣∣r. Px − P̂x

(1 + g1Px)(1 + g1P̂x)
−

(
r

k
.

(
Px

2 − P̂x
2)

+ g1(P̂xPx
2 − PxP̂x

2
)

(1 + g1Px)(1 + g1P̂x)

)

− 1(
1 + h(1 + g2Py)(1 + wf )Px

)(
1 + h(1 + g2P̂y)(1 + wf )P̂x

)[(1 + wf )P̂x(1 + g2P̂x)(Px − P̂x)

+ (1 + wf )

(
Px(1 + h(1 + g2(Py + P̂y)) + h(1 + g2Py)(1 + g2P̂y)(1 + wf )PxP̂x

)
(Py − P̂y)

]∣∣∣∣∣
+

∣∣∣∣∣ 1(
1 + h(1 + g2Py)(1 + wf )Px

)(
1 + h(1 + g2P̂y)(1 + wf )P̂x

)[(1 + wf )P̂x(1 + g2P̂x)(Px − P̂x)

+ (1 + wf )

(
Px(1 + h(1 + g2(Py + P̂y)) + h(1 + g2Py)(1 + g2P̂y)(1 + wf )PxP̂x

)
(Py − P̂y)

]

− δ

(
PyP̂y(Pz − P̂z)− PzP̂z(Py − P̂y)

)
−m1(Py − P̂y)

∣∣∣∣∣+
∣∣∣∣∣δ
(
PyP̂y(Pz − P̂z)

− PzP̂z(Py − P̂y)

)
−m2(Pz − P̂z)

∣∣∣∣∣
≤ (r(1 + 2N + g1N

2) + (1 + wf )(1 + g2N)N)|Px − P̂x|

+ (1 + wf )((1 + 2g2N)N + h(1 + g2N)2N2)|Py − P̂y|

+ (1 + wf )(1 + g2N)N)|Px − P̂x|

+ ((1 + 2g2N)N + h(1 + g2N)2N2 + δN2 + 2δN2 +m1)|Py − P̂y|

+ δN2|Pz − P̂z|+ (δN2 +m2)|Pz − P̂z|+ δN2|Py − P̂y|

≤ (r(1 + 2N + g1N
2) + 2N(1 + wf )(1 + g2N))|Px − P̂x|

+ 2((1 + 2g2N)N + h(1 + g2N)2N2 +m1)|Py − P̂y|+ (2δN2 +m2)|Pz − P̂z|

≤ M1|Px − P̂x|+M2|Py − P̂y|+M3|Pz − P̂z|,

where, M1 = r(1 + 2N + g1N
2) + 2N(1 + wf )(1 + g2N), M2 = 2((1 + 2g2N)N + h(1 + g2N)2N2 + m1), and

M3 = 2δN2 +m2. By assuming M > 0, M = max{M1,M2,M3}, resulting in ∥P (Y ) − P (Ŷ )∥ ≤ M∥Y − Ŷ ∥. Thus,
the sytem (3.1) determines a unique solution Y (t) and P (Y ) fulfills the Lipschitz condition. □
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3.2. Existence of non-negative and confined solutions.

Theorem 3.2. A solution of the system (3.1) that starts from (Px0 , Py0 , Pz0) ∈ R3
+ lies non negative within the feasible

region Φ.

Proof. The following function is considered as

Pu(t) = Px(t) + Py(t) + Pz(t).

Taking Caputo’s derivative on both sides, resulting in

Dη
t Pu(t) = Dη

t Px(t) +Dη
t Py(t) +Dη

t Pz(t)

=
rPx

1 + g1Px

(
1− Px

k

)
− (1 + g2Py)(1 + wf )PxPy

1 + h(1 + g2Py)(1 + wf )Px

+
(1 + g2Py)(1 + wf )PxPy

1 + h(1 + g2Py)(1 + wf )Px
− δPyPz

Py + Pz
−m1Py +

δPyPz

Py + Pz
−m2Pz

=
rPx

1 + g1Px

(
1− Px

k

)
−m1Py −m2Pz.

For each ρ > 0, implies that

Dη
t Pu(t) + ρPu(t) =

rPx

1 + g1Px

(
1− Px

k

)
−m1Py −m2Pz + ρ(Px + Py + Pz)

≤ rPx

1 + g1Px

(
1− Px

k

)
+ ρPx − (m1 − ρ)Py − (m2 − ρ)Pz

≤ rPx

1 + g1Px

(
1− Px

k
+ ρ

)
,

where ρ < min{r,m1,m2}. Considering that h(Px) =
rPx

1+g1Px

(
1− Px

k + ρ
)
, then the maximum of h(Px) at Px = k(1+ρ)

2

is maxh(Px) =
rk(1+ρ)2

4 . Thus, from the previous equation, implies that

Dη
t Pu(t) + ρPu(t) ≤

rk(1 + ρ)2

4
.

Let Pu(0) = Pu0
be the initial condition, by comparison principle [19, 21]

Pu(t) ≤Pu0
Eη(−ρtη) +

rk(1 + ρ)2

4

∫ s

0

(t− s)η−1Eη,η(−ρ(t− s)η)ds

=Pu0Eη(−ρtη) +
rk(1 + ρ)2

4

∫ s

0

(t− s)η−1
∞∑
i=0

(−ρ)i(t− s)ηi)

Γ(iη + η)
ds

=Pu0Eη(−ρtη) +
rk(1 + ρ)2

4

∞∑
i=0

(−ρ)i

Γ(iη + η)

∫ s

0

(t− s)η(i+1)−1ds

=Pu0Eη(−ρtη) +
rk(1 + ρ)2

4

∞∑
i=0

(−ρ)itηi

Γ(iη + η + 1)

=Pu0
Eη(−ρtη) +

rk(1 + ρ)2

4
tηEη,η+1(−ρtη).
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Applying Lemma (2.2),

Eη,η(−ρtη) =−
2∑

i=1

1

Γ(η − ηi)

1

(−ρ)itηi
+O

(
1

(−ρ)3t2η

)
=− 1

Γ(−ρ)
1

(−ρ)2t2η
→ 0 as t→ ∞.

Then, from applying Lemma (2.3),

tηEη,η+1(−ρtη) =
1

ρ
− 1

Γ(1− η(−ρ)2tη)
+O

(
1

(−ρ)3t2η

)
=
1

ρ
as t→ ∞.

Hence, it is obtained that,

Pu(t) ≤
rk(1 + ρ)2

4
.

Consequently, the solutions of the system (3.1) in R3
+ stays constrained in the feasible region that is non negatively

variant

Φ = {(Px, Py, Pz) ∈ R3
+ : Pu(t) =

rk(1 + ρ)2

4ρ
+ ϵ, ϵ > 0}.

□

4. General stability analysis of the system

In this section, we examine the positive equilibrium points, the local and global stability behavior of the equilibrium
points of the given fractional-order system.

4.1. Local stability of the system. All the feasible equilibrium points of the given system (3.1) is obtained by the
roots of the following equations:

rPx

1 + g1Px

(
1− Px

k

)
− (1 + g2Py)(1 + wf )PxPy

1 + h(1 + g2Py)(1 + wf )Px
= 0,

(1 + g2Py)(1 + wf )PxPy

1 + h(1 + g2Py)(1 + wf )Px
− δPyPz

Py + Pz
−m1Py = 0,

δPyPz

Py + Pz
−m2Pz = 0.

(4.1)

The biologically viable equilibrium points of the system (3.1) are:

(1) The trivial equilibrium point Ω(0, 0, 0) = (0, 0, 0) exists, where the population densities approaches to extinc-
tion state.

(2) The only prey population equilibrium point Ω(Px, 0, 0) = (k, 0, 0) exists, where the meso and apex predators
vanishes.

(3) The no apex predator equilibrium point Ω(Px, Py, 0) = (Px1
, Py1

, 0), exists if 0 < m1h < 1 where Px1
=

m1

(1+g2Py1
)(1+wf )(1−m1h)

and Py1
can be obtained by the cubic equation as follows:

aP 3
y1

+ bP 2
y1

+ cPy1
+ d = 0,

where,

a = g22(1 + wf )(1−m1h), b = 2g2(1 + wf )(1−m1h) + g1g2m1,

c = (1 + wf )(1−m1h) + g1m1 −
rg2(1 + wf )(1−m1h)

1−m1h
, d = −r((1 + wf )(1−m1h)k −m1)

k(1−m1h)2(1 + wf )
.



Unco
rre

cte
d Pro

of

8 S. MUNUSAMY, S. MUNIYAGOUNDER, AND B. KRISHNAN

where we can see that a, b > 0 and the cubic equation has a positive root if c < 0, i.e, r >
(1−m1h)(1+wf )+g1m1

g2(1+wf )

and if d < 0, i.e, (1 + wf )(1 − m1h)k > m1. Hence, applying the Descartes’ Rule of Signs, the no apex

predator equilibrium point Ω(Px, Py, 0) exists under the following conditions r >
(1−m1h)(1+wf )+g1m1

g2(1+wf )
and

(1 + wf )(1−m1h)k > m1.
(4) The coexistence equilibrium point Ω(Px, Py, Pz) = (P ∗

x , P
∗
y , P

∗
z ) exists if h(δ − m2 + m1) < 1 where P ∗

x =
δ−m2+m1

(1+g2P∗
y )(1+wf )(1−h(δ−m2+m1))

, and P ∗
y is obtained from the quadratic equation:

a1P
∗2
y + b1P

∗
y + c1 = 0,

where,

a1 = g2 ((1 + wf )(1− h(δ −m2 +m1)) + g1(δ −m2 +m1)) ,

b1 = (1 + wf )(1− h(δ −m2 +m1)) + g1(δ −m2 +m1)− rg2,

c1 =
r(δ −m2 +m1)

k(1 + wf )(1− h(δ −m2 +m1))
− r,

we know that a1 > 0, applying Descarte’s Rule of Signs, the positive root exists if b1 < 0 and c1 < 0, i.e,

P ∗
y =

−b1 −
√
b21 − 4a1c1
2a1

and if δ > m2 where P ∗
z = (δ−m2)

m2
P ∗
y .

The Jacobian matrix J(Ω(Px, Py, Pz)) of the fractional-order system (3.1) for the equilibrium point Ω(Px, Py, Pz) =
(Px, Py, Pz)

J(Ω(Px, Py, Pz)) =

p11 p12 p13
p21 p22 p23
p31 p32 p33

 , (4.2)

where,

p11 =
r

(1 + g1Px)2

(
1− Px(2 + g1Px)

k

)
−

(1 + g2P
∗
y )(1 + wf )Py

[1 + h(1 + g2Py)(1 + wf )Px]
2 ,

p12 = −
(1 + wf )

[
1 + 2g2Py + h(1 + g2Py)

2(1 + wf )Px

]
[1 + h(1 + g2Py)(1 + wf )Px]

2 , p13 = 0,

p21 =
(1 + g2Py)(1 + wf )Py

[1 + h(1 + g2Py)(1 + wf )Px]
2 ,

p22 =
(1 + wf )

[
1 + 2g2Py + h(1 + g2Py)

2(1 + wf )Px

]
[1 + h(1 + g2Py)(1 + wf )Px]

2 − δP 2
z

(Py + Pz)2
−m1,

p23 = −
δP 2

y

(Py + Pz)2
, p31 = 0, p32 =

δP 2
z

(Py + Pz)2
, p33 =

δP 2
y

(Py + Pz)2
−m2 = 0.

Theorem 4.1. The unstable trivial equilibrium point Ω(0, 0, 0) = (0, 0, 0) of a system (3.1) exists.

Proof. The Jacobian matrix J(Ω(0, 0, 0)) at the equilibrium point Ω(0, 0, 0) = (0, 0, 0) is

J(Ω(0, 0, 0)) =

r 0 0
0 −m1 0
0 0 −m2

 .
The characteristic equation of the Jacobian matrix J(Ω(0, 0, 0)) is

(r − ϕ1)(−m1 − ϕ2)(−m2 − ϕ3) = 0. (4.3)
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Hence, ϕ1 = r(> 0), ϕ2 = −m1(< 0) and ϕ3 = −m2(< 0) are the eigen values of Ω(0, 0, 0). Then, |arg ϕ1| = 0 <
η π
2 , |arg ϕ2| = π > η π

2 , |arg ϕ3| = π > η π
2 . By Theorem 2.4, the unstable trivial equilibrium exists. □

Theorem 4.2. The only prey equilibrium point Ω(Px, 0, 0) = (k, 0, 0) is locally asymptotically stable if
(1+wf )

1+h(1+wf )k
<

m1.

Proof. The Jacobian matrix J(Ω(Px, 0, 0)) at the equilibrium point Ω(Px, 0, 0) = (k, 0, 0) is

J(Ω(Px, 0, 0)) =

−
r

1+g1k
− 1+wf

1+h(1+wf )k
0

0
1+wf

1+h(1+wf )k
−m1 0

0 0 −m2

 . (4.4)

The Jacobian matrix JΩ(Px, 0, 0) consists of the characteristic equation(
− r

1 + g1k
− ϕ1

)(
1 + wf

1 + h(1 + wf )k
−m1 − ϕ2

)
(−m2 − ϕ3) = 0. (4.5)

Hence, ϕ1 = − r
1+g1k

(< 0), ϕ2 =
1+wf

1+h(1+wf )k
− m1(< 0) and ϕ3 = −m2(< 0) are the eigenvalues of Ω(Px, 0, 0).

Then, |argϕ1| = π > η π
2 , |argϕ2| = π > η π

2 , |argϕ3| = π > η π
2 . By Theorem 2.4, the only prey equilibrium

Ω(Px, 0, 0) = (k, 0, 0) is locally asymptotically stable if
1+wf

1+h(1+wf )k
< m1. □

Theorem 4.3. The no apex predator equilibrium Ω(Px, Py, 0) = (Px1
, Py1

, 0) is locally asymptotically stable if δ < m2,
a2 < 0 and b2 > 0.

Proof. The Jacobian matrix J(Ω(Px, Py, 0)) at the equilibrium point Ω(Px, Py, 0) = (Px1 , Py1 , 0) is

J(Ω(Px, Py, 0)) =

p11 p12 0
p21 p22 δ
0 0 δ −m2

 ,
where

p11 =
r

(1 + g1Px1)
2

(
1− Px1

(2 + g1Px1
)

k

)
− (1 + g2Py1

)(1 + wf )Py1

[1 + h(1 + g2Py1
)(1 + wf )Px1

]
2 ,

p12 = −
(1 + wf )

[
1 + 2g2Py1 + h(1 + g2Py1)

2(1 + wf )Px1

]
[1 + h(1 + g2Py1

)(1 + wf )Px1
]
2 ,

p21 =
(1 + g2Py1

)(1 + wf )Py1

[1 + h(1 + g2Py1
)(1 + wf )Px1

]
2 ,

p22 =
(1 + wf )

[
1 + 2g2Py1 + h(1 + g2Py1)

2(1 + wf )Px1

]
[1 + h(1 + g2Py1

)(1 + wf )Px1
]
2 −m1.

The characteristic equation exhibits from the Jacobian matrix J(Ω(Px, Py, 0)) is given as

(δ −m2 − ϕ1) (ϕ
2 − a2ϕ+ b2) = 0. (4.6)

It is clear that ϕ1 = δ −m2(< 0) if δ < m2, thus we get |argϕ1| = π > η π
2 . Then, the other roots ϕ2,3 is given by the

equation (ϕ2 − a2ϕ+ b2) = 0, then

ϕ2,3 =
a2 ±

√
a22 − 4b2
2

,

where a2 = p11 + p22 < 0 and b2 = p11p22 − p12p21 > 0. Hence, under the following conditions if δ < m2, a2 < 0 and
b2 > 0, the no apex predator equilibrium Ω(Px, Py, 0) = (Px1

, Py1
, 0) is locally asymptotically stable.

□

Theorem 4.4. The coexistence equilibrium point Ω(Px, Py, Pz) = (P ∗
x , P

∗
y , P

∗
z ) is locally asymptotically stable.
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Proof. The equilibrium point Ω(Px, Py, Pz) = (P ∗
x , P

∗
y , P

∗
z ) is consists of the Jacobian matrix J(Ω(Px, Py, Pz)):

J(Ω(Px, Py, Pz)) = [pij ]3×3, (4.7)

consists of entries as same as in the matrix (4.2). The corresponding characteristic equation Ψ of the Jacobian matrix
J(Ω(Px, Py, Pz)) is

ϕ31 + V1ϕ
2
2 + V2ϕ3 + V3 = 0, (4.8)

where

V1 = −(p11 + p22 + p33),

V2 = p22p33 + p11(p22 + p33)− (p12p21 + p23p32),

V3 = p32(p11p23 − p13b21) + p33(p12p21 − p11p22).

Consequently, the coexistence equilibrium point Ω(Px, Py, Pz) = (P ∗
x , P

∗
y , P

∗
z ) is locally aysmptotically stable if at least

one of the following conditions is true:

• If D(Ψ) > 0, V1 > 0, V3 > 0 and V1V2 − V3 > 0, for η ∈ (0, 1).
• If D(Ψ) < 0, V1 ≥ 0, V2 ≥ 0, and V3 > 0, 0 < η < 2/3.
• If D(Ψ) < 0, V1 > 0, V2 > 0, and V1V2 = V3, for 0 < η < 1.

□

4.2. Existence of a Hopf bifurcation.

Theorem 4.5. Let Ω∗ is an equilibrium point of the system (3.1), reaches a Hopf bifurcation at the equilibrium point
Ω∗ with respect to the parameter ν(η, g1, g2, wf , δ) at ν = ν∗(η∗, g∗1 , g

∗
2 , w

∗
f , δ

∗), if it satisfies the following:

(1) The Jacobian matrix J(Ω(Px, Py, Pz)) of the system (3.1) at the equilibrium point Ω∗ has a pair of eigen
values which is a complex conjugate ϕ1,2 = γ ± iω, at ν(η, g1, g2, wf , δ) = ν∗(η∗, g∗1 , g

∗
2 , w

∗
f , δ

∗) it becomes
purely imaginary.

(2) m(ν∗(η∗, g∗1 , g
∗
2 , w

∗
f , δ

∗)) = ν∗(η∗, g∗1 , g
∗
2 , w

∗
f , δ

∗)π2 −min1≤i≤2 |argϕi| = 0.

(3)
dm(ν(η,g1,g2,wf ,δ))

dν |ν(η,g1,g2,wf ,δ)−ν∗(η∗,g∗
1 ,g

∗
2 ,w

∗
f ,δ

∗) ̸= 0.

Proof. Given the Jacobian matrix of system (3.1) at Ω∗ yields the characteristic equation ϕ3 + V1(ν)ϕ
2 + V2(ν)ϕ +

V3(ν) = 0, where V1, V2, V3 are smooth functions on ν. Let the eigenvalues be ϕ1(ν) = γ(ν) + iω(ν), ϕ2(ν) =
γ(ν) − iω(ν), ϕ3(ν) ∈ R−. Define the bifurcation function m(ν) = ηπ

2 −min1≤i≤3 | arg(ϕi(ν))|. Since ϕ3 is real and
negative, | arg(ϕ3)| = π > ηπ/2. Thus m(ν) = ηπ

2 − | arg(ϕ1(ν))|. Condition (2) of the theorem, m(ν∗) = 0, is
equivalent to

| arg(ϕ1(ν∗))| =
ηπ

2
⇐⇒ ω(ν∗)

γ(ν∗)
= tan

(ηπ
2

)
. (4.9)

For η ∈ (0, 1), this implies γ(ν∗) > 0. Now, it is needed to show that as ν crosses ν∗, the function m(ν) changes sign

with nonzero slope. Let θ(ν) = | arg(ϕ1(ν))| = tan−1(ω(ν)/γ(ν)). Then dθ
dν = 1

1+(ω/γ)2 · γω′−ωγ′

γ2 , where γ′ = dγ/dν,

ω′ = dω/dν. Using (4.9) at ν = ν∗, we have ω/γ = tan(ηπ/2), so 1 + (ω/γ)2 = 1/ cos2(ηπ/2). Therefore

dm

dν

∣∣∣∣
ν∗

= −dθ
dν

∣∣∣∣
ν∗

= − cos2
(ηπ

2

)
· γω

′ − ωγ′

γ2

∣∣∣∣
ν∗
. (4.10)

Thus, transversality (dmdν ̸= 0 at ν∗) is equivalent to

γ(ν∗)ω′(ν∗)− ω(ν∗)γ′(ν∗) ̸= 0. (4.11)

Now, substitute ϕ = γ + iω into (4.8) and separate real and imaginary parts:{
A(ν) = γ3 − 3γω2 + V1(γ

2 − ω2) + V2γ + V3 = 0,

B(ν) = 3γ2ω − ω3 + 2V1γω + V2ω = 0.
(4.12)
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Differentiate A and B with respect to ν at ν∗: dA
dν = Φ1γ

′ − Φ2ω
′ + Φ3 = 0, dB

dν = Φ2γ
′ + Φ1ω

′ + Φ4 = 0, where

Φ1 = 3γ2−3ω2+2V1γ+V2, Φ2 = 6γω+2V1ω, Φ3 = (γ2−ω2)V ′
1 +γV

′
2 +V

′
3 , Φ4 = 2γωV ′

1 +ωV
′
2 . From the second

equation of (4.12) we note that at ν∗, 3γ2−ω2+2V1γ+V2 = 0, hence Φ1(ν
∗) = 0. With Φ1 = 0, solving for γ′ and ω′

gives γ′(ν∗) = Φ4

Φ2
, ω′(ν∗) = −Φ3

Φ2
. Substituting these into (4.11) yields γω′−ωγ′ = γ

(
−Φ3

Φ2

)
−ω

(
Φ4

Φ2

)
= −γΦ3+ωΦ4

Φ2
.

Thus the transversality condition (4.11) becomes

γ(ν∗)Φ3(ν
∗) + ω(ν∗)Φ4(ν

∗) ̸= 0. (4.13)

Therefore, the system (3.1) undergoes a Hopf bifurcation at the equilibrium Ω∗ as the parameter ν crosses the critical
value ν∗. The numerical results in Section 5 confirm that the bifurcation is supercritical, leading to the emergence of
stable limit cycles. Figures 3, 6, 9, 12, and 15 demonstrate that as ν passes through ν∗, the complex eigenvalues cross
the stability boundary | arg(ϕ)| = ηπ/2. □

4.3. Global stability of the system.

Theorem 4.6. The coexistence equilibrium point Ω(Px, Py, Pz) = (P ∗
x , P

∗
y , P

∗
z ) is globally asymptotically stable.

Proof. Let us define a function,

χ(Px, Py, Pz) =

(
Px − P ∗

x − P ∗
x ln

Px

P ∗
x

)
+ β1

(
Py − P ∗

y − P ∗
y ln

Py

P ∗
y

)
+ β2

(
Pz − P ∗

z − P ∗
z ln

Pz

P ∗
z

)
,

where, a continuous function χ > 0 for all values of (Px, Py, Pz) ̸= (P ∗
x , P

∗
y , P

∗
z ) and χ = 0 only at (P ∗

x , P
∗
y , P

∗
z ) and

β1 > 0, β2 > 0 implies that

Dη
t χ(Px, Py, Pz) =

(
Px − P ∗

x

Px

)
Dη

t Px(t) + β1

(
Py − P ∗

y

Py

)
Dη

t Py(t) + β2

(
Pz − P ∗

z

Pz

)
Dη

t Pz(t)

≤
(
Px − P ∗

x

Px

)
rPx

1 + g1Px

(
1− Px

k

)
− (1 + g2Py)(1 + wf )PxPy

1 + h(1 + g2Py)(1 + wf )Px

+ β1

(
Py − P ∗

y

Py

)
(1 + g2Py)(1 + wf )PxPy

1 + h(1 + g2Py)(1 + wf )Px
− δPyPz

Py + Pz
−m1Py

+ β2

(
Pz − P ∗

z

Pz

)
δPyPz

Py + Pz
−m2Pz

≤ (Px − P ∗
x )

(
r

1 + g1Px

(
1− Px

k

)
− (1 + g2Py)(1 + wf )Py

1 + h(1 + g2Py)(1 + wf )Px

− r

1 + g1P ∗
x

(
1− P ∗

x

k

)
+

(1 + g2P
∗
y )(1 + wf )P

∗
y

1 + h(1 + g2P ∗
y )(1 + wf )P ∗

x

)
+ β1

(
Py − P ∗

y

)( (1 + g2Py)(1 + wf )Px

1 + h(1 + g2Py)(1 + wf )Px
− δPz

Py + Pz

−
(1 + g2P

∗
y )(1 + wf )P

∗
x

1 + h(1 + g2P ∗
y )(1 + wf )P ∗

x

+
δP ∗

z

P ∗
y + P ∗

z

)
+ β2 (Pz − P ∗

z )

(
δPy

Py + Pz
−

δP ∗
y

P ∗
y + P ∗

z

)
≤ (Px − P ∗

x )

[
−r(g1k + 1)(Px − P ∗

x )

k(1 + g1Px)(1 + g1P ∗
x )

−
(1 + wf )

(
Py − P ∗

y

)
r1r2

−
g2(1 + wf )

(
Py + P ∗

y

) (
Py − P ∗

y

)
r1r2

−
h(1 + g2Py)(1 + g2P

∗
y )(1 + wf )

2Px(Py − Py)
∗

r1r2

−
[
h(1 + g2Py)(1 + g2P

∗
y )(1 + wf )

2Py(Px − P ∗
x )
]

r1r2

]
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+
(
Py − P ∗

y

) [ (1 + g2Py)(1 + wf )(Px − P ∗
x )

r1r2
+
g2(1 + wf )P

∗
x (Py − P ∗

y )

r1r2

+
β1δPz(Py − P ∗

y )

(Py + Pz)(P ∗
y + P ∗

z )
− β1δPy(Pz − P ∗

z )

(Py + Pz)(P ∗
y + P ∗

z )
− β1m1

]
+ (Pz − P ∗

z )

[
− β2δPy(Pz − P ∗

z )

(Py + Pz)(P ∗
y + P ∗

z )
+

β2δPz(Py − P ∗
y )

(Py + Pz)(P ∗
y + P ∗

z )
− β2m2

]
≤ −

[
r(g1k + 1)(Px − P ∗

x )

k(1 + g1Px)(1 + g1P ∗
x )

+

[
h(1 + g2Py)(1 + g2P

∗
y )(1 + wf )

2Py(Px − P ∗
x )
]

r1r2

]
(Px − P ∗

x )
2

+

[
β1g2(1 + wf )P

∗
x

r1r2
+

β1δPz

(Py + Pz)(P ∗
y + P ∗

z )

]
(Py − P ∗

y )
2

−
[
(1 + wf )

r1r2
+

[
h(1 + g2Py)(1 + g2P

∗
y )(1 + wf )

2Py

]
r1r2

]
(Px − P ∗

x )(Py − P ∗
y )

−
[

δβ2Pz − δβ1Py

(Py + Pz)(P ∗
y + P ∗

z )

]
(Py − P ∗

y )(Pz − P ∗
z )

−m1(Py − P ∗
y )−m2(Pz − P ∗

z )

≤ −
[
r(g1k + 1)(Px − P ∗

x )

k(1 + g1Px)(1 + g1P ∗
x )

+

[
h(1 + g2Py)(1 + g2P

∗
y )(1 + wf )

2Py(Px − P ∗
x )
]

r1r2

+
1

2

(1 + wf )

r1r2
+

[
h(1 + g2Py)(1 + g2P

∗
y )(1 + wf )

2Py

]
r1r2

]
(Px − P ∗

x )
2

−
[
1

2

(1 + wf )

r1r2
+

[
h(1 + g2Py)(1 + g2P

∗
y )(1 + wf )

2Py

]
r1r2

+
1

2

δβ2Pz − δβ1Py

(Py + Pz)(P ∗
y + P ∗

z )

+
β1g2(1 + wf )P

∗
x

r1r2

]
(Py − Py)

2 −
[
β1g2(1 + wf )P

∗
x

r1r2

]
(Pz − P ∗

z )
2.

Since the feasible region Φ ⊂ R3
+ is compact. By Theorem 3.2 it is positively invariant with respect to system (3.1), and

the Lyapunov function χ(Px, Py, Pz) is continuously differentiable on Φ, we have established that cDη
t χ(Px, Py, Pz) ≤

0 ∀(Px, Py, Pz) ∈ Φ, with equality holding if and only if (Px, Py, Pz) = (P ∗
x , P

∗
y , P

∗
z ) = E∗. Define the set S =

{(Px, Py, Pz) ∈ Φ : cDη
t χ(Px, Py, Pz) = 0} = {E∗}. Since E∗ is itself an equilibrium point, it is invariant. Hence, the

largest invariant set contained in S is M = {E∗}. By the fractional LaSalle invariance principle [16], every solution
of system (3.1) initiating in Φ converges to M as t → ∞. That is: limt→∞

(
Px(t), Py(t), Pz(t)

)
= (P ∗

x , P
∗
y , P

∗
z ). It is

concluded that the coexistence equilibrium E∗ = (P ∗
x , P

∗
y , P

∗
z ) is globally asymptotically stable in the feasible region

Φ. Therefore The coexistence equilibrium E∗ is globally asymptotically stable in Φ. □

5. Numerical simulations

Numerical simulations allow researchers to investigate the system’s behavior under different situations when
analytical solutions are impractical due to the inherent nonlinearities provided by fractional-order derivatives. In this
section, a numerical method is approached to evaluate the theoretical results of our fractional-order model, which
includes disease-mediated predator-prey interactions under climatic stressors. The simulations are carried out in
MATLAB, using the Fractional Linear Multi-Step Method (FLMM) via the FLMM2 toolbox; specifically, a predictor-
corrector scheme is used to estimate the accurate, stable solutions to the Caputo fractional differential equations
[5, 6]. Parameter values were chosen for numerical illustration within biologically plausible ranges, consistent with
prior fractional ecological models [2, 9, 17, 26, 27]. These simulations reveal nonlinear phenomena such as supercritical
Hopf bifurcations, where minimal parameter changes result in substantial dynamical shifts, in addition to validating
our analytical stability criteria.
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Figure 1. The solutions showing the time series plot for the numerical simulations of the system
(3.1) for varying the η = [0.8, 0.9, 0.95, 0.98, 0.99, 1].

Figure 2. The solutions showing the phase portrait plot for the numerical simulations of the system
(3.1) for varying the η = [0.8, 0.9, 0.95, 0.98, 0.99, 1].

5.1. Impact of fractional order η. Here, we conduct numerical simulations to validate the impact of the fractional
order by varying its parameter value η. Choosing it as a bifurcation parameter, we observe its influence on the system’s
stability. The parameter values used are: r = 5, k = 3, g1 = 0.5, g2 = 0.5, wf = 1.5, h = 0.3, δ = 1.5, m1 = 0.5,
m2 = 0.6, with a step size of h = 2−6. The fractional order parameter is varied as η = [0.8, 0.9, 0.95, 0.98, 0.99, 1], with
initial conditions (Px0 , Py0 , Pz0) = (0.5, 0.4, 0.3), the stability behavior is then analyzed. Figure 1 shows a time series
plot, illustrating that as the fractional parameter η increases, the system transitions gradually from a stable to an
unstable state. This transition occurs due to a Hopf bifurcation, where increasing values of a parameter η destabilize
the previously stable equilibrium. Figure 2 presents the corresponding phase portraits, confirming that the bifurcation
direction is supercritical (forward). Consequently, increasing η induces a shift from stability to instability, potentially
reducing predation efficiency and causing a decline in population density. This demonstrates that the system (3.1) is
locally asymptotically stable for lower values of η. In Figure 3, by Theorem 4.5, varying the parameter value with
respect to η, the hopf bifurcation point occurs at the equilibrium point, [0.584, 1.301, 1.946] showing a supercritical
Hopf bifurcation shifting from stability to instability.
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Figure 3. Bifurcation diagram of the system (3.1) with respect to η.

Figure 4. The solutions showing the time series plot for the numerical simulations of the system
(3.1) for varying the g1 = [0, 0.05, 0.1, 0.4, 0.5, 0.6].

5.2. Impact of global warming g1 on prey density Px. We conduct numerical simulations to validate the impact
of global warming g1 on prey density by Px varying its parameter value. Choosing it as a bifurcation parameter,
we observe its influence on the system’s stability. The parameter values used are: η = 0.9, r = 5, k = 3, g2 = 0.5,
wf = 1.5, h = 0.3, δ = 1.5, m1 = 0.5, m2 = 0.6, with a step size of h = 2−6. The global warming parameter Px

is varied as g1 = [0, 0.05, 0.1, 0.4, 0.5, 0.6], with initial conditions (Px0
, Py0

, Pz0) = (0.5, 0.4, 0.3), the stability behavior
is then analyzed. Figure 4 reveals distinct behavioral regimes: for g1 ∈ [0, 0.4], the population densities Px(t), Py(t),
and Pz(t) exhibit a stable limit cycle because of persistent oscillatory dynamics. As g1 approaches 0.5, the intensity
of limit cycle oscillations decreases, leading the bifurcation to occur. When it g1 reaches 0.6, the convergence of all
trajectories to constant equilibrium values signifies the onset of a stable steady state. In Figure 5, for g1 < 0.5, the
trajectories form closed periodic orbits, showing a limit cycle. Beyond the critical threshold g1 ≥ 0.6, these orbits
decreases to a stable point, reflecting the system’s stabilization. This change in dynamics qualitatively resembles a
supercritical Hopf bifurcation, in which the system undergoes a smooth transition from cyclic behavior to a steady state
as g1 increases. Higher values of g1 lead to damping of the oscillatory behavior, with the system evolving toward an
asymptotically stable state. This parameter-dependent bifurcation suggests that prey populations may transition from
small-amplitude periodic oscillations to steady-state equilibria in response to environmental or biological constraints.
In Figure 6, by Theorem 4.5, varying the parameter value with respect to g1, the Hopf bifurcation point occurs at the
equilibrium point [0.584, 1.301, 1.946] showing a supercritical Hopf bifurcation shifting from instability to stability.
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Figure 5. The solutions showing the phase portrait plot for the numerical simulations of the system
(3.1) for varying the g1 = [0, 0.05, 0.1, 0.4, 0.5, 0.6].

Figure 6. Bifurcation diagram ofthe system (3.1) with respect to g1.

5.3. Impact of global warming g2 on the meso predator density Py. We conduct numerical simulations to
validate the impact of the global warming parameter g2 on the meso predator density Py by varying its parameter
value. Choosing g2 as a bifurcation parameter, we observe its influence on the system’s stability. The parameter
values used are: η = 0.9, r = 5, k = 3, g1 = 0.5, wf = 1.5, h = 0.3, δ = 1.5, m1 = 0.5, m2 = 0.6, with a step
size of h = 2−6. The global warming parameter on Py is varied as g2 = [0.3, 0.5, 0.7, 0.9, 1, 2]. With initial conditions
(Px0

, Py0
, Pz0) = (0.5, 0.4, 0.3), the system’s stability behavior is analysed. In Figure 7, for 0.3 ≤ g2 ≤ 0.5, the

system exhibits damped oscillatory behavior and approaches an asymptotically stable equilibrium state. However, for
g2 ≥ 0.7, above a critical value, the trajectories become persistent limit cycles, with the size of oscillations being a
monotonically increasing function of g2. This qualitative change, along with the appearance of non-decaying periodic
solutions, confirms the presence of a supercritical Hopf bifurcation. In Figure 8, at lower values of g2, the phase
portraits exhibit inward spiraling trajectories, indicating damped oscillations where the system gradually settles into
a stable fixed point. However, as g2 approaches and exceeds approximately 0.7, the trajectories evolve into closed
loops, marking the emergence of sustained periodic oscillations. This transition suggests the onset of a supercritical
Hopf bifurcation, where the system loses stability at the fixed point and gives rise to a stable limit cycle. Beyond this
threshold, particularly for g2 = 0.9, 1, and 2, the closed trajectories become well-defined and persistent, confirming
that the system has entered a regime of undamped, self-sustained oscillations. Thus, the figure clearly demonstrates
how varying g2 governs the shift from equilibrium dynamics to continuous oscillatory behavior. In Figure 9, by
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Figure 7. The solutions showing the time series plot for the numerical simulations of our system
(3.1) for varying the g2 = [0.3, 0.5, 0.7, 0.9, 1, 2].

Figure 8. The solutions showing the phase portrait plot for the numerical simulations of the system
(3.1) for varying the g2 = [0.3, 0.5, 0.7, 0.9, 1, 2].

Figure 9. Bifurcation diagram of the system (3.1) with respect to g2.
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Figure 10. The solutions showing the time series plot for the numerical simulations of the system
(3.1) for varying the wf = [0.01, 0.5, 1.0, 1.5, 2.0, 2.5].

Figure 11. The solutions showing the phase portrait plot for the numerical simulations of the system
(3.1) for varying the wf = [0.01, 0.5, 1.0, 1.5, 2.0, 2.5].

Theorem 4.5, varying the parameter value with respect to g2, the hopf bifurcation point occurs at the equilibrium
point [0.584, 1.301, 1.946] showing a supercritical Hopf bifurcation shifting from instability to stability.

5.4. Impact of wind flow wf on the meso predator density Py. We conduct numerical simulations to validate
the impact of the wind flow wf on the meso predator density Py varying its parameter value. Choosing it as a
bifurcation parameter, we observe its influence on the system’s stability. The parameter values used are: η = 0.9,
r = 5, k = 3, g1 = 0.5, g2 = 0.5, h = 0.3, δ = 1.5, m1 = 0.5, m2 = 0.6, with a step size of h = 2−6. The
windflow parameter is varied as wf = [0.01, 0.5, 1.0, 1.5, 2.0, 2.5], with initial conditions (Px0 , Py0 , Pz0) = (0.5, 0.4, 0.3),
the stability behavior is then analysed. In Figure 10, for smaller values of wf from 0.01 to 1, the system shows damped
oscillations, which progressively converge to a asymptotic steady-state equilibrium. We see a qualitative change as
wf rises to 1.5, the oscillations keep happening with a constant amplitude instead of decaying, indicating the onset
of limit cycle behavior. In the dynamics of the system, this represents a bifurcation point. The system settles into
persistent, regular periodic oscillations for even higher values wf = 2 and wf = 2.5, indicating the existence of a stable
periodic orbit. Wind flow introduces a cyclic control in predator-prey interactions, as seen by the more prominent
oscillation amplitudes in each population variable. In Figure 11, the damped behavior is consistent with trajectories
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Figure 12. Bifurcation diagram of the system (3.1) with respect to wf .

for lower wf values spiralling inward toward a fixed point. When wf rises to 1.5, a supercritical Hopf bifurcation starts
as the trajectories start to form closed cycles. The system exhibits persistent closed cycles at wf = 2 and wf = 2.5,
which is beyond this threshold and validates the stable limit cycles. The larger and more stable these trajectories get
as wf rises, suggesting that the oscillatory behavior gets more intense and organised as wind flow increases. In Figure
12, by Lemma Theorem (4.5), varying the parameter value with respect to wf , the hopf bifurcation point occurs at
the equilibrium point [0.584, 1.301, 1.946] showing a supercritical Hopf bifurcation shifting from instability to stability.

5.5. Impact of disease transmission rate δ on apex predator density Pz. We conduct numerical simulations
to validate the impact of the disease transmission rate δ on the apex predator density Pz varying its parameter value.
Choosing it as a bifurcation parameter, we observe its influence on the system’s stability. The parameter values used
are: η = 0.9, r = 5, k = 3, g1 = 0.5, g2 = 0.5, h = 0.3, wf = 1.5, m1 = 0.5, m2 = 0.6, with a step size of
h = 2−6. The rate of disease transmission parameter is varied as δ = [0, 0.5, 0.9, 0.95, 0.99, 1], with initial conditions
(Px0 , Py0 , Pz0) = (0.5, 0.4, 0.3), the stability behavior is then analyzed. In Figure 13, at lower values of δ (e.g., δ = 0
and δ = 0.5), where transient oscillations decay rapidly and the populations converge monotonically to steady-state
values, the dynamics are characterized by strong damping. There is minimal population transfer into that state, as
indicated by the Pz component as very small in this regime. However, when δ approaches unity (δ = 0.9 to δ = 1),
the system destabilizes, all three population variables exhibit persistent, periodic oscillations in place of the damped
oscillations. This sustained rhythmic behavior signals the onset of a limit cycle, a key indicator of a Hopf bifurcation.
As δ increases, the amplitude of these oscillations increases, but the periodicity endures consistent, demonstrating
that the system persists in a limit cycle regime, and the populations stabilize at new steady-state values. Population
accumulation and significant asymptotic stability result from longer periods of persistent oscillations. In Figure
14, for low values δ = 0 to 0.5, the trajectories quickly converge to a fixed point near the Pz = 0 plane, reflecting
strong damping and negligible population in Pz. As δ increases from 0.9 to 1, the spirals widen and persist longer,
stabilizing at higher Pz values. At near-resonant conditions δ = 0.99 to 1, the system transitions to sustained quasi-
limit cycles, exhibiting underdamped oscillations and intricate population exchange. This evolution demonstrates a
clear transition from a heavily damped regime to a dynamic oscillatory phase, with increasing participation of the Pz

state as δ approaches unity. This indicates a fundamental change in the dynamical regime of the system and visually
validates a Hopf bifurcation-like transition from a fixed point equilibrium to a limit cycle as increases. As δ increases
, the phase space trajectory decreases and resolves into a different steady point, showing that the periodic orbit has
vanished and a new stable equilibrium has been established. These qualitative across δ values provide strong evidence
of a Hopf bifurcation occurring around δ = 1, where a fixed point loses stability and gives rise to a limit cycle. In
Figure 15, by Theorem 4.5, varying the parameter value with respect to δ, the Hopf bifurcation point occurs at the
equilibrium point [0.584, 1.301, 1.946] showing a supercritical Hopf bifurcation shifting from instability to stability.
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Figure 13. The solutions showing the time series plot for the numerical simulations of the system
(3.1) for varying the δ = [0, 0.5, 0.9, 0.95, 0.99, 1].

Figure 14. The solutions showing the phase portrait plot for the numerical simulations of the system
(3.1) for varying the δ = [0, 0.5, 0.9, 0.95, 0.99, 1].

Figure 15. Bifurcation diagram of the system (3.1) with respect to δ.
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6. Conclusion

In this framework, fractional-order dynamical system modeling disease-mediated predator-prey interactions under
climatic stressors is proposed. The qualitative behavior of the system is investigated by proving the existence of a
unique well-defined solution and non-negative confined solutions. Then, the biologically feasible equilibrium points
and the computed Jacobian matrix helps in examining the local and global stability analysis. Later, in the next
section, we conducted comprehensive numerical simulations to validate our theoretical findings, demonstrating that
the analytical results remain robust under varying parametric influences. Critical dynamical transitions controlled by
key parameters are revealed by the numerical simulations: changes in the fractional order η cause Hopf bifurcations,
which move the system from stability to sustained oscillations, while increasing global warming g1, g2 and wind flow
wf destabilize equilibria, causing limit cycles or damping effects. Higher rates of disease transmission δ destabilize
predator populations while stabilizing prey through less predation pressure, exhibiting a threshold-driven bifurcation.
When taken together, these findings show that climatic stresses, epidemiological interactions, and memory effects
via η, g1, g2, wf , δ all nonlinearly alter ecosystem resilience. To further establish this concept as a foundation for
ecological forecasting of the next generation, further additions can include stochastic climatic forcing or spatiotemporal
heterogeneities.
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