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Abstract ’ 3

This paper investigates a one-dimensional inverse source problem associated with a time-fractional diffusion equa-
tion subject to Dirichlet boundary conditions. The primary focus is on analysing the differentiability of the source
function and reformulating the inverse problem in terms of the invertibility input-output mapping. The novelty
of the study lies in the characterization of these mappings under the Caputo derivative. To obtain approximate
solutions we employ a finite difference scheme based on the L1 method. Numerical simulations demonstrate the
accuracy and reliability of the proposed approach. Improving algorithmic efficiency will also be a focus of our
future research.
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1. INTRODUCTION

Fractional partial differential equations (FPDEs) have gained considerable attention in recent years, emerging as
powerful tools for modelling and analysing the complex dynamics of systems in various scientific and engineering
domains. From both theoretical and application-driven perspectives, FPDEs represent a rapidly evolving area of
research. A comprehensive account of the theory of such equations can be found in existing monographs; see, for
example, [17]. Consequently, fractional ordinary differential equations, fractional partial differential equations, and
integral-equation formulations have attracted extensive interest. Many fractional differential equations, both linear
and non-linear, do not admit closed-form analytical solutions; instead, approximations and numerical methods are
commonly employed.

Several techniques have been developed to solve these types of equations in the literature, including the differential
transformation method [18], iterative methods [8, 9, 13], and spectral methods [3, 4]. Recent surveys and reviews have
summarized a variety of numerical methods and their convergence properties for FPDEs; see, for instance, [22].

Recent studies have also made significant progress in addressing inverse problems (ISPs), which play a critical role
in a wide range of scientific and engineering applications, including geophysics, medical imaging, heat conduction, and
electromagnetic field reconstruction. These problems aim to determine unknown source terms from indirect and often
noisy observations of the system response. Their significance lies in their ability to provide insights into underlying
physical processes that cannot be measured directly, which is essential for diagnostic, monitoring, and control purposes
(see, e.g., [7, 14]). One of the key advantages of ISPs is their flexibility in modelling complex systems where internal
sources cannot be accessed through direct measurement. They also offer a robust framework for data assimilation and
system identification.

However, ISPs are typically ill-posed in the sense of Hadamard: small errors in the data may lead to large deviations
in the reconstructed solution, thereby necessitating regularization techniques and careful numerical treatment (e.g.,
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[15, 26]). Establishing the well-posedness of an inverse problem is therefore essential prior to developing numerical
algorithms or performing simulations.

In recent years, inverse source problems for fractional diffusion equations have attracted increasing interest due to
the ability of fractional models to capture memory and anomalous-diffusion effects commonly observed in complex
media. The non-local nature of fractional derivatives introduces additional challenges in the analysis and numerical
treatment of inverse problems, particularly when data are limited or contaminated by noise. Despite these difficulties,
fractional inverse source problems have demonstrated strong potential in applications such as hydrology, viscoelasticity,
and biomedical imaging, where classical integer-order models often fail to describe observed phenomena accurately
[25]. Several studies have investigated the uniqueness, stability, and numerical reconstruction of source terms in time-
fractional diffusion equations; see, for instance, [12, 21, 27]. Li and Yamamoto [19] have provided a rigorous analysis
of identifiability under limited data.

Several recent contributions have advanced the numerical treatment of time-fractional inverse problems. For in-
stance, the L1 method has emerged as a popular and efficient discretisation for Caputo fractional derivatives due
to its simplicity and first-order convergence on uniform time grids [20]. Dehghan [1] developed efficient mesh-based
methods for time-fractional diffusion equations with source identification, while Liu [6] proposed improved schemes
offering enhanced accuracy and stability; see also [2, 11] for further developments. A relatively small body of research
addresses inverse problems for time-fractional parabolic equations under various conditions. Numerical solutions for
some of these problems have been discussed in [5, 23]. The present paper considers such problems as a generalization
of the findings in [28]. The objective of this work is to investigate a time-fractional parabolic partial differential
equation involving an inverse source term under non-homogeneous boundary conditions. An eigenfunction expansion
of the corresponding Sturm—Liouville eigenvalue problem is employed to obtain an analytical representation, together
with Dirichlet-type measured output data at the level of the fractional diffusion equation. The time-dependent inverse
coeflicient problem is analysed, and the distinguishability of the associated mappings is examined. In addition, an
explicit expression for the input—output mapping—Dbased on the measured data—is constructed. It is shown that
the distinguishability of this mapping implies injectivity. To address the problem from a new perspective, a Fourier
approach is adopted.

To introduce the input—output mapping ®[-] : K — C1[0,T7], where K denotes the set of admissible source functions,
noisy Dirichlet data E(t) are used to derive an analytical representation of the mapping. Using this formulation, we
study the distinguishability of the unknown source function c(t).

Finally, a finite-difference scheme is used to construct a numerical approximation of the problem. The modelling
framework for the diffusion equation follows the approach described in [25].

The remainder of this paper is organized as follows. Section 2 establishes the mathematical foundation by reviewing
key concepts in fractional calculus, including the Riemann-Liouville integral and the Caputo derivative, with particular
emphasis on their non-local properties. Section 3 presents the theoretical core of this work: a novel Fourier-based
approach for characterizing the injectivity of the input—output mapping ®[-]. Section 4 introduces the L1 finite-
difference scheme used to address numerical stability in time-fractional problems. Practical examples are provided to
validate the robustness of the theoretical results and the efficiency of the numerical implementation. The final section
provides concluding remarks.

2. BASIC CONCEPTS OF FRACTIONAL CALCULUS

This section provides essential concepts and notations that are crucial for understanding the paper’s main ideas,
for additional informations see [24].

Definition 2.1. The left-sided Riemann-Liouville fractional integral of order 0 < a < 1 of f € L' (a,T) is defined by

1o f(t) = I‘(la)/a (t_ff))lads, t>0, (2.1)

where I'(«) is the Euler gamma function.
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Definition 2.2. The Caputo fractional derivative of order « of the function f : Rt — R is defined as

DRI = prmay [ (=T O s)ds = 1), (22)

0

where n — 1 < a < n and n = [a] + 1 with [a] the integer part of «.

Proposition 2.3. The Euler gamma function T'(z) satisfies the following properties:

I'(z+1) = 2I'(z), (2.3)
! z—1 —s w—1 s = F(Z) F(w) 2w
/0 F = s = T s> (2.4)

Definition 2.4. The two-parameter Mittag—LefHler function is defined by the series
o0 Zn
E,5(z) = — o,3,2€C, R(a) > 0. 2.5
ORI e N (0) (25)
In particular, if 8 =1, then E, 1(2) = Eo(2); and if a = 8 = 1, then Ey(2) = €*.

3. FORMULATION AND ANALYSIS OF THE INVERSE SOURCE PROBLEM WITH MEASURED DATA E(t)

We consider the following inverse source problem for a time-fractional partial differential equation with boundary
and initial conditions:

CDSﬁr,tu(x,t) — Uy (2, ) + g(x)ulz,t) = c(t) f(2), 0<a<l, (zt)€Qr, (3.1)
u(z,0) = p(x), 0<z<l, (3.2)
w(0,t) =1 (t), u(l,t) = a(t), 0<t<T, (3.3)

where Q7 = {(z,t) € R? : 0 < 2 < 1,0 < t < T'}. The boundary functions 11 (t) and 13(t) belong to C[0,T], and the
functions ¢(z) and ¢(z) satisty the following conditions:

(A1) q(z) € CY0,1],0 < co < q(z) < ¢y,

(A2) w(x) € C?[0,1], (0) = ¥1(0), (1) =12(0).
Under these assumptions, the problem (3.1) has a unique solution u(z,t) € C(Q7) NWE(0,T) N C2%(0, 1) that satisfies
the equation, initial, and boundary conditions. Here W}(0,T) denotes the space of functions x € C'(0,T) with
X € L(0,T).

The inverse problem consists of determining the unknown source function ¢(t) at a spatial point = zo from the
measured output data

E(t) = u(xg, t; ¢). (3.4)
We define the input-output mapping

®[c] = u(wo, t;¢), ce€k c L 0,T), (3.5)
so that the inverse problem reduces to determining ¢(¢) from ®[¢]. The mapping ® is said to have the distinguishability
property if

(I)[Cl] 7é (I)[CQ] - Cl(t) # Cg(t), v61762 e K. (36)
with this strategy, the problem of input-output mapping’s invertibility ®|.] replaces the inverse problem of determining
an unknown c¢(¢). This prompts us to use the input-output mapping mentioned above to verify the source function’s
uniqueness. We state that the ®[.] mapping if ®[c;] # ®[co], then has the distinguishability property. Then, ¢;(t) #

co(t) is implied. This specific meaning of injectivity of ®~! is the inverse mapping. Examine the inverse problem using
the measured E(t) output data. Therefore, using the input-output mapping mentioned above, we can verify that the

(&)
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source function is unique. We provide an auxiliary function ©(z,t) to be able to develop the solution for parabolic
problem (3.1)by the Fourier technique of separation of variables as follows

O(z,1) = u(x, 1) — (1L —x)y(t) — xha(t), (3.7)

by which the problem (3.1) is changed to one with homogenous boundary conditions. As a result, O(z,t) can be used
to describe the initial value problem as follows.

CD?@(x,t) — Ouz(z,t) = —q(2)O(x,t) + zq(x)h2(t) + (1 — x)gq(z)11(t)

— 2 “Dfa(t) — (1 —2) “DPpa (¢) + e(t) f (), (3.8)
O(x,0) = ¢(z) — (1 = 2)1h1(0) — z¢2(0), .
0(0,t) = ©(1,t) =0. (3.10)
For the initial boundary value problem, the specific solution is as follows
—+o0 +o0 t
O(x,t) = (H(0), Xpn(0)) Bat (~Mnt*) Xn(2) + > [ 87 Easa(—An)s® (h(0,t = 5), X (0)) X, (2)ds
n=1 n=1
0 (3.11)
too
+ Z/so‘*lEa,a(f)\n)sac(tf ) (£(0), Xn(0)) ds X, (),
n=1 0
where
H(z) = ¢p(x) — (1 = 2)¢1(0) — 29 (0), (3.12)
and
h(z,t) = —q(z)v(z,t) + 2q(x)P2(t) + P1(t) — 2ha(t) = D a(t) — (1 — z) Db (1). (3.13)
Moreover
1
< H(0),X,(0) >= /Xn(Q)H(G)dO, (3.14)
0
E, 3 being the generalized Mittag-Leffler function defined by Eq. (2.5).
Assume that the following Sturm-Liouville [19] has a solution represented by X,,(x).
—Xpa(2) = XX (2) +¢(2)X (), 0<z <1, (3.15)
X(0)=X(1) =0, 0<t<T. '
The measured output data’s Dirichlet type can be expressed in the manner shown below.
E(t) = @(xo,t) + (1 - 1‘0)1/)1 (t) + 1‘01/)2@). (316)
In order to arrange Eq. (3.11), let’s clarify the subsequent
z2n(t) =< H(0), X,,(0) > Eq1(—Ant®). (3.17)
t
wn (1) = / S B (=An)s® < H(O,t — 5)g;, Xn(6) > ds. (3.18)
0
t
(b = / S B (—An)s%clt — 5) < £(8), Xn(6) > ds. (3.19)
0
an
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The following form can be used to express the resolution in terms of z,(t),w,(t) and v, (t), see [16] for further
information.

Oz, t) = Y 2n()Xn(2) + > wn(O)Xn(2) + > () X (2). (3.20)

The analytical solution of the problem (3.1)-(3.15) in series form is given in Eq. (3.20). Therefore,

is acquired. Consequently, F(t) can be found analytlcally as a series representation Eq.(3.21) on the right-hand side
describes the input-output mapping ¥ [] .

(t) : Z 20 () X (z0) + Z wy (8) X (z0) + Z Y () X (z0)dx 4+ (1 — xo) 1 (t) + xotha(t). (3.22)
n=1 n=1

The relation between the corresponding outputs Ej;(t) = u(a:o, t,c;),j = 1,2 and the source functions ¢ (t), c2(t) € K
at xg is implied by the following lemma.

Lemma 3.1. [23] The solutions to the direct issue (3.1) and va(x,t) = v(x,t;c2) should be considered. These
correspond to the admissible coefficients c1(t), ca(t) € K. If the corresponding outputs E;(t)j = 1,2 fulfil the following
series identity, then E;(t) = u(zo,t;¢5);5 = 1,2.

+00 400
E t) = Z Awn(t)Xn(zO) + Z A’Yn(t)Xn(xO)a (323)
n=1 n=1

for each t € (0,T) where AE(t) = E1(t) — Ea(t), Aw, (t) = wl(t) = w2 (t), Ay, (t) = 7L (t) — 2 (2).
Proof. By using identity Eq.(3.21), the measured output data Ej(t) = ©(xo,t);j = 1,2 can be expressed as

+oo +00

)= zn(t)Xn(wo) + ) wy(t)Xn(wo) + Z Vo (t + (1= z0)¢ (t) + o2 (t), (3.24)
n=1 n=1
+oo +oo

£) =3 22(0)Xu(wo) + 3 wl () Xn(z0) + Z Vit + (1 = o) (1) + zova(h), (3.25)

respectively, since 2} = 22 from the definition of z,(t). The difference between Eqgs. (3.24)-(3.25) implies the intended
outcome. U

We arrive at the following conclusion as a result of the definitions and lemma.

Corollary 3.2. Let the conditions of lemma 3.1

< er(t) — ca(t), Xpn(x) >=0,Vt € (0,T],n=0,1,..., (3.26)
holds, then
Ey(t) = Ea(t),Vt € [0,T). (3.27)

Theorem 3.3. Assume (A1) — (Az).Let ®[.] : K — C*[0,T] Equation (3.22) defines the input-output mapping, which
corresponds to the measured output E(t) = u(xg,t). Under the class of admissible parameters K, the mapping ®[c| in
this instance possesses the distinguishability property, that is,

@[Cl] 7& @[02] = C1 (t) 7é @(t),Vcl, c € K. (328)

Proof. If ¢1(t) # co(t) implies (¢1(t) — ca(t), Xpn(z)) # 0 and Ay, (t) # 0, for some n € N, hence by Lemma 3.1

we conclude that Ey(t) # Ex(t),Vt € [0,T]. Moreover, it leads us to the following important consequence that the

input-output mapping ®[c] is distinguishable, i-e.c; (t) # c2(t) implies D(c1) # D(ca). O
(&)
ENE
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4. NUMERICAL PROCEDURE

1
In this section, we discretize the problem (3.1) using the finite difference method. Let the spatial step h = i and

T
the time step size At = i where M, N are positive integers. The domain [0, 1] x [0, 7] is divided into a mesh M x N,

with grid points
x; =th, t; = jAt, i=0,..,.M, j=0,..,N.

For the Caputo derivative © Dfu(z;,t;) with 0 < v < 1 [10], we use the L1 approximation

2]
Dy, ty) = F(ll— ) (t; 5)‘“%(@,5)&9
1 ?_1 . 1—a . 1—a ?+1 —u?
> e S0 0Ga]
i1 uhtl ok
- F(Ql_a) kZ:OB’“ J(At)a Fli=teN
Bp=(j k)= (G-k-1""

On the other hand, we have
17, Ry
Uy (T3, t5) = 7z [ugﬂ —2u! —l—uLJ si=1,...,M—1.

Hence, the finite difference approximation for discretizing problem (3.1) is

1 J ul?+1_uk fu;? —2u]—|-u] . .
B. i i+1 7 i—1 A J & -
r(z_a)kZ:O F A 72 qi; +ef
u) =, i=20,..., M,
uw)=uwh, =0, j=0,...,N.

Expanding the Caputo sum gives from the system (4.6) we get vector forms

1
(uh* = ub) By = (u} = uf) B+ (2 = wl) By + (uf = u}) By + ..+ (ul —ul ") Bjy
0

<.
|

e
Il

j—1
= —B()’LL? — Z (Bk — kal) uf + Bj,luf.
k=1

Substituting in Eq.(4.6) and taking into consideration Bj_; = 1, let r = (At)*T'(2 — ), we get

1

P
—Boul — (By, — By_1)uf +ul = 2 [
1

<.
|

J o _9,] J —wrya)d J f.
Wiy q — 2wy +uy g rgu; +rc f;.

~
Il

Introduce vectors

u = (ul,.uy )T g =diaglan, - oan—), F = (fae faed)T

(=)=
E)NE

—Bou? + (BO — Bl) U;L + (Bl — BQ) uf + ...+ (Bj,Q — ijl) '11571 + ijl’ug

(4.9)
(4.10)

(4.11)

(4.12)
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and the tridiagonal matrix

: t. . . 1
o ... 0 1 =2 (M—1)x(M—1)
a square matrix (M — 1), v/ is a vector solution of the order (M — 1), we get vector form

Jj—2

%Auj —w —rEw ==Y (Br— By_1)u* — Bou® —rdF;j=1,..,N. (4.13)
k=1

Let D = %A — Ip—1 —TE, where D is a matrix of the order (M — 1), and

Q(-Tl) 0 C.. 0

0 gxg) --- 0

e=| . "7 | (4.14)
O cee PN q(x]\/f—l)

the diagonal matrix of the order (M — 1). Hence we get linear a system

j—2

Dw == (B — Bg_1)uF — Bou® —rc’; j=1,..,N, (4.15)
k=1

with u® = (uy,us, ...,uM_l)T. Let’s create the method for predicting and fixing errors, first, using the output mea-
surements u(xo, t) = E(t), we obtain

_ DE(t) = tgu (0, 1) + q(0) E(t)

c(t 4.16
(t) F (o) (4.16)
The finite difference approximation of ¢(t) is
1 4 4 .
- B (ungl = 2uj + ugfl) +qi B
= (4.17)

fi ’
, 1
where E7 = D%u i’t .
The system of Equations (4.9) can be solved by the inversion matrix.

4.1. Numerical examples. To demonstrate the practical implementation of the method, we consider the following
examples.

Example 4.1. Examine the following issue for « = 0.25,a = 0.5, = 0.75

CDu(x,t) — Upy (2, ) + u(z,t) = c(t) sin(mz); 0<z<l,0<t<1. (4.18)
u(x,0) = 2sin(7x); 0<z<l, (4.19)
w(0,¢) = u(1,t) = 0; 0<t<l. (4.20)

The exact solutions of this problem for o = 0.25, &« = 0.5 and « = 0.75 are respectively
{et),u(z,t)} = {1.223752'25 +1.089t" 7 + (7% 4+ 1) (ﬁ +t+ 2) (Tt 42) sin(m:)} : (4.21)

(&)
ENE
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TABLE 1. Numerical results for o« = 0.25.

t H Numerical solution H Exact solution H Error

0 2.0000 2.0000 00000
0.0250 2.0252 2.0258 0.0006
0.0500 2.0512 2.0516 0.0004
0.0750 2.0779 2.0781 0.0003
0.1000 2.1056 2.1055 0.0001
0.1250 2.1343 2.1338 0.0006
0.1500 2.1640 2.1632 0.0008
0.1750 2.1833 2.1850 0.0017

TABLE 2. Numerical results for a = 0.5.

t H Numerical solution H Exact solution H Errorw

0 2.0000 2.0000 00000
0.0250 2.0257 2.0251 0.0006
0.0500 2.0513 2.0506 0.0007
0.0750 2.0771 2.0765 0.0006
0.1000 2.1040 2.1032 0.0008
0, 1250 2.1314 2.1305 0.0009
0.1500 2.1597 2.1587 0.0008
0.1750 2.1888 2.1887 0.0001

TABLE 3. Numerical results for a« = 0.75.

| ¢ [ Numerical solution || Exact solution || Error |

0 2.0000 2.0000 00000

0.0250 2.0250 2.0251 0.0001

0.0500 2.0503 2.0505 0.0002

0.0750 2.0758 2.0762 0.0004

0.1000 2.1018 2.1025 0.0007

0.1250 2.1283 2.1393 0.0010

0.1500 2.1554 2.1568 0.0013

0.1750 2.1833 2.1850 0.0017

1 9 9 5 5 .

{c(®),u(z,t)} = {M(15t T+ 32VE) + (mE 1) (2 +t+2),(t2 +t+2) sm(m;)}. (4.22)
{e(t),u(z, 1)} = {5(23755)) AR 111(11(.22)5)750'25 + (72 +1) (t% i+ 2) (T 4+t +2) sin(m)} . (4.23)

The following tables illustrates the differences between the numerical and exact solutions, demonstrating the accu-
racy of the L1 method, for the step sizes h = 0.025, At = 0.025,z = 0.5. Additionally, the L., and Ly norms of the
error are given in the following table These figures clearly demonstrate excellent agreement between the numerical and
exact solutions for ¢ (t) and u(x,T). To further demonstrate the effectiveness of the proposed method, we present
the following example.

(=)
BEE
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G exact solution - approxi Tt ) o~ Exact vs L1 Approximate c(t) for alpha=0.5
—#— Ud-approximate
—+— U-exact2 09 12 23
4 ¥ 0.8 Exact c(t)
— © — Approximate c(t)
0.7 i
3.5 0.6 8
2 —
3 05 T
> 6
8] 0.4
03 4
25 0.2
2
0.1
2 0 0
0 0.2 0.4 0.6 0.8 1 0 0.2 0.4 0.6 0.8 1
taxis Time t
(A) The exact and numerical solution of u = (0.5, t). (B) The exact and numerical solution of ¢(t).

FIGURE 1. The exact and numerical solution of u = (0.5,¢) and ¢(t).

4 exact solution - approxil ion for alp .25 a = Exact vs L1 Approximate c(t)for alpha=0.25
! 09
:
- —+— U- exact 08 45 Exact c(t)
— © — Approximate c(t)
3.4 07
40
3.2 106 z
2}
X =
K 05 535
2.8 04 i
30
2.6 03 .
2.4 02
25 o
2.2 01
2 0 20
0 0.2 0.4 0.6 0.8 1 0 0.2 0.4 0.6 0.8 1
taxis Time t
(A) The exact and numerical solution of u = (0.25,t). (B) The exact and numerical solution of c(t).

FIGURE 2. The exact and numerical solution of u = (0.25,¢) and c(t).

. exact ion - approxil ion for alp 75 , = Exact vs L1 Approximate c(t)for alpha=0.75
3
3.8 —#— U-approximate 0.9 7
—+— U- exact 45
3.6 0.8
Exact c(t)
34 0.7 m — © — Approximate c(t)
3.2 06
@
3 3 05 35
o o
238 04
26 03 0
24 0.2
25
22 0.1
2 0 20
0 0.2 04 0.6 0.8 1 0 0.2 04 06 08 1
taxis Time t
(A) The exact and numerical solution of u = (0.75,t). (B) The exact and numerical solution of c(t).

FIGURE 3. The exact and numerical solution of u = (0.75,¢) and c(t).
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TABLE 4. Lo and Ly norms of error for Example 4.1.

H L, error H Lo error ‘

0.25 | 0.0103 0.0452
0.5 0.0020 0.0088
0.75 || 0.0123 0.0279

Numerical solution

0 0.1 0.2 0.3 0.4 0.5 0.6 0.7 0.8 0.9 1
X axis

FIGURE 4. The numerical solution U7, j = 1, ..., 40.

Example 4.2. Examine the following issue for a = 0.25,« = 0.5, and o = 0.75

ODfu(2,t) — Ugs (2, 1) + u(z, t) = c(t) sin(mz), O<r<l,<t<l
u(z,0) =0; 0<z<l,
u(0,t) = wu(l,t) = 0; 0<t<l

The exact solutions of this problem for o = 0.25,« = 0.5 and a = 0.75 are respectively

{e(t),u(z,t)} = {F (22.75) tH75 4 (r? )82 82 sin(wx)} .

{e(t), ula,t)} = {Sj_tl 54 (r2 4 1), 12 sin(m;)} .

{e(t),u(z,t)} = {r ( 22_ %) 12 (22 4 1)12 ¢ sm(m)} .

(4.24)
(4.25)
(4.26)

(4.27)

(4.28)

(4.29)

The following tables illustrates the differences between the numerical and exact solutions, demonstrating the accu-

racy of the L1 method, for the step sizes h = 0.02, At = 0.01,z = 0.5.

(=)=
E)NE
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TABLE 6. Numerical results for o« = 0.5.

11

t H Numerical solution H Exact solution H Error ‘

0 2.0000 2.0000 00000
0.0100 0.0001 0.0001 00000
0.0200 0.0004 0.0004 00000
0.0300 0.0009 0.0009 00000
0.0400 0.0016 0.0016 00000
0.0500 0.0025 0.0025 00000
0.0600 0.0036 0.0036 00000
0.0700 0.0049 0.0049 00000

TABLE 7. Numerical results for o« = 0.75.

t

H Numerical solution H Exact solution H ErroL]

0 2.0000 2.0000 00000
0.0100 0.0001 0.0001 00000
0.0200 0.0004 0.0005 0.0001
0.0300 0.0009 0.0010 0.0001
0.0400 0.0016 0.0017 0.0001
0.0500 0.0025 0.0026 0.0001
0.0600 0.0036 0.0037 0.0001
0.0700 0.0049 0.0050 0.0001

TABLE 8. L, and Ly norms of error for Example 4.2.

TABLE 5. Numerical results for o« = 0.25.

’ « H L error H Ly error
0.25 0.0035 0.0168
0.5 |/ 3.0207e=* ]| 0.0015
0.75 0.0028 0.0146

t H Numerical solution H Exact solution H Error ‘

0 2.0000 2.0000 00000
0.0100 0.0001 0.0001 00000
0.0200 0.0004 0.0004 00000
0.0300 0.0009 0.0009 00000
0.0400 0.0016 0.0016 00000
0.0500 0.0025 0.0025 00000
0.0600 0.0036 0.0036 00000
0.0700 0.0049 0.0049 00000

Additionally, the Lo, and Ly norms of the error are given in the following table The excellent match observed in
these figures between the numerical and exact solutions for ¢(t) and u(z, T') validates the effectiveness of the proposed

approach.
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exactisolition N [ttiontion 5 Exact vs L1 Approximate c(t) for alpha=0.5
pp pha=0. | 14
—#— U-approximate
1.6 0.8 Exact c(t)
10 — © — Approximate c(t)
1.4 0.7
1.2 106 8
@ =
3 1 05 5
> 6
0.8 0.4
0.6 0.3 4
0.4 0.2
2
0.2 0.1
0 0 0
0 0 0.2 0.4 0.6 0.8 1
taxis Time t
(A) The exact and numerical solution of u = (0.5, ). (B) The exact and numerical solution of c(t).
FIGURE 5. The exact and numerical solution of u = (0.5,¢) and ¢(t).
¥ Exact vs L1 Approxi c(t)for alpha=0.25
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taxis Time t
(A) The exact and numerical solution of u = (0.25,t). (B) The exact and numerical solution of c(t).
FIGURE 6. The exact and numerical solution of u = (0.25,¢) and ¢(t).
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(A) The exact and numerical solution of u = (0.75,t). (B) The exact and numerical solution of ¢(t).

FIGURE 7. The exact and numerical solution of u = (0.75,t) and ¢(t).
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Numerical solution

0.8

U axis
o
(2]

0.4r

0.2r

0+
0 0.2 0.4 0.6 0.8 1

X axis

T TT YR 7SO0 TECATTI O TAT T=a T T STAFTorT

FIGURE 8. The numerical solution U7, j = 1, ..., 100.

5. CONCLUSION

The numerical scheme for solving the temporal fractional diffusion problem by the explicit finite difference approach
is presented in this study. Through the use of variable separation and input-output mapping in the analysis of fractional
parametric equation inversion problems, this work expands our understanding of Fourier methods. The examples we
provided are intended to illustrate the performance and accuracy of this approach. Building more efficient algorithms
is also a goal of our future work. We utilized the algebraic system Maple 15 for the numerical algorithm, and Matlab
2018 was employed to create the solution’s graphic.
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