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Abstract - N

Dengue fever is a viral illness affecting over 129 nations and more than 50% of the global population, causing
approximately 400 million cases annually. This study explores the mathematical formulation and dynamics of
dengue transmission using a structured SEIR-SEI (susceptible human, exposed human, infected human, recovered
human, susceptible vector, exposed vector, and infected vector) model, focusing on immunological and delay-
based control strategies. An existing nonlinear delayed SEIR-SEI epidemic model is extended to evaluate the
effectiveness of awareness, mosquito deterrence, and therapeutic interventions. Rather than immediately resorting
to pharmacological methods, the model emphasizes analyzing delay factors due to their significant role in disease
control. Since reducing mosquito populations can harm ecological balance, this new approach applies delay-based
strategies on human-related factors such as hospitalization, awareness, and travel restrictions to safeguard both
public health and the environment. The findings show that the reproductive number alone is insufficient to predict
outbreak persistence; recruitment patterns and mosquito biting rates play a more pivotal role. We analyze the
model’s mathematical properties, including the reproduction number, equilibrium points, parameter sensitivity,
and both local and global stability. Our results demonstrate that model-based strategies focusing on vector
control and human behavior effectively reduce dengue transmission. Additionally, we show that the non-standard
finite difference scheme outperforms traditional methods like the fourth-order Runge-Kutta in terms of accuracy,
stability, and predictive capability. This study offers valuable insights for public health officials and policymakers
in designing sustainable strategies to control endemic dengue transmission and prevent future outbreaks.
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1. INTRODUCTION

Historically, dengue outbreaks have been observed in the last few centuries all over the world. The earliest uncon-
firmed case of the disease emerged at the dawn of seventeenth century, however, it was not officially documented until
the mid-eighteenth century across Africa, Asia, and North America. This disease maintains its continuous presence in
numerous parts of the world, affecting almost all the countries across regions such as the Eastern Mediterranean [31],
America, Africa, Southeast Asia, and the Western Pacific. Dengue has emerged as a major contributor to both illness
and death, being the most common disease. Dengue spread globally after the mid-20th century, significantly impacting
emerging countries in the Americas, Africa, the Pacific, and the Caribbean [24]. Major outbreaks were documented in
Cuba, Brazil, and Venezuela in 1981, 1986, and 1990, respectively [10]. Currently, dengue-related diseases have been
reported in more than 100 countries worldwide. The World Health Organization (WHO) has warned that this disease
will affect about half of the world’s population in the current century [12]. Climate change has facilitated the disease’s
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expansion into Southern Europe and parts of the United States. The disease continues to cause both mortality and
morbidity, particularly in Southeast Asia, the Caribbean, and Latin America.

In eastern countries like Malaysia, dengue fever was first reported after an outbreak in Penang around December
1901. Since then, dengue incidences have steadily increased and become a significant public health concern [8]. In
the last 5 years, dengue cases have continuously risen annually and have been recognized as a major public health
problem. Malaysia has been experiencing a surge in the number of dengue cases within the past decade. For instance,
the number has increased more than two-fold from 43,346 cases in 2013 to 111,285 cases in 2015 [2]. According to the
WHO, Malaysia reported 120,836 dengue cases in 2015, with a case fatality rate of 0.2% [42]. However, in 2019, the
country experienced a significant increase, recording 130,101 cases, the highest since 2004 [34]. By October 2023, the
number of dengue cases had increased by 100.5%, totaling 96,443 cases, compared to 48,109 cases reported in 2022.
These figures highlight the substantial public health burden of dengue in one country. In addition, studies have shown
that dengue cases in many countries have been under-reported [23].

Dengue is a mosquito-borne tropical disease caused by the dengue virus [35], transmitted through the bite of female
Aedes mosquitoes [30]. The virus is arthropod-borne (arbovirus), consisting of four distinct serotypes that do not
provide lasting immunity against each other [21]. Infected female Aedes mosquitoes are responsible for the transmission
of dengue disease among humans, animals, and even themselves [14]. While Aedes aegypti mosquitoes are the primary
vectors, Aedes albopictus mosquitoes also contribute to the transmission, albeit to a lesser extent. Female Aedes
mosquitoes become infected when they feed on the blood of a human during the viremic stage of the illness. Once
infected, these mosquitoes can transmit the virus to other susceptible humans. Besides, vertical transmission (disease
transmission from an infected mother to a child and infected human to another human) is another factor affecting
many pathogens, and diseases, including dengue [15]. Recovery from infection with one serotype provides lifelong
immunity to that specific serotype but is only capable of providing temporary cross-immunity to the other serotypes
[15].

Some initiatives and strategies are available to be implemented on the government-level to curb the spread of dengue.
To date, many governments have yet to approve the use of the dengue vaccine [18]. One of the most successful strategies
for managing and preventing dengue fever is vector management. The population of Aedes mosquitoes can be decreased
by conducting fogging in areas with high dengue cases. However, Aedes mosquitoes have the potential to persist and
build resistance to the space spraying chemical, which decreases its efficiency to decrease the spread of dengue [27].
Sprays are overused in different regions and the negative ecological impact of the aerosols from a spray can also be
observed on the ozone layer. Another way of controlling the population of Aedes mosquitoes is by utilizing the trap of
auto dissemination. This is a proactive approach since the trap includes a specific solution that attracts female Aedes
mosquitoes to lay their eggs inside it. The relationship between mosquito population and humans is a complicated
phenomenon that is influenced by several variables, including diversity and worldwide climate. Human behaviour
is the main factor affecting the handling of these mosquitoes’ breeding sites and the decline in their numbers [13].
People who knew more about dengue than people who didn’t report using preventative measures at a considerably
greater rate. However, contradicting data suggest that information about dengue does not necessarily translate into
adopting the advised preventive measures. Previous studies in many countries like Malaysia revealed that most people
are generally educated about dengue and ways to prevent it. However, little is known about the relationship between
knowledge and dengue preventive behaviours [43]. Therefore, the control program should not solely depend on vector
control management. Attention should also be given to the behavioral impact of the people among dengue awareness
campaigns. On the other hand, it is also observed that Carica papaya leaf juice has thrombocytosis action in rats and
dengue patients. This is a positive development towards the treatment of dengue, however, it requires more scientific
research [29].

Dengue presents an enormous economic burden to the government. In Malaysia, it costs approximately 359 mil-
lion Malaysian ringgits annually [28]. Since dengue has no cure, severe cases require hospitalization and supportive
care. Despite various vaccinations demonstrating encouraging trial results, Malaysia has not authorized their use
yet. Therefore, dengue can only be controlled by preventing or reducing its transmission. When allocating resources,
high-risk areas might be ranked higher than low-risk areas to ensure that effective preventive measures are taken in
proportion to the threat posed rather than as a response to an epidemic that has already happened. Thus, it is crucial
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to have innovative methods for the early diagnosis of dengue fever, such as using dengue test kits. A cheap, efficient
vaccine is essential for universal control. Governments mostly use vector control and insect repellents to lower infec-
tion rates. Community education about dengue hazards is essential for prevention. Media campaigns and community
involvement may spread preventative knowledge. Community-government miscommunications can raise dengue risk,
making ongoing community awareness crucial for successful interventions. Controlling the mosquito vector or pre-
venting human-vector interaction is the only way to stop and manage the dengue virus [39]. Therefore, a trustworthy
mathematical model is necessary to provide a more thorough grasp of the dengue transmission process and strategies
for halting the disease’s spread.

Numerous mathematical models have been developed based on the epidemiology of infectious diseases [7, 16, 44, 45].
These models are typically constructed to understand the interactions between hosts and pathogens and how to
control them. By incorporating various factors influencing disease transmission, researchers can analyze their impact
on the rise or decline of infection cases. The study of epidemic modeling dates back to 1766 when Daniel Bernoulli
formulated a mathematical model to assess the effectiveness of smallpox inoculation [17]. His findings suggested that
inoculation could extend life expectancy from birth by approximately three years. Later, Ronald Ross mathematically
described malaria transmission dynamics, developing the first malaria model that considered both human and mosquito
populations in susceptible and infectious states [25]. His model demonstrated the correlation between mosquito density
and malaria incidence in humans. Dengue modeling has been useful in helping us understand the virus’s dynamics
and in generating some new hypotheses about why the dynamics exhibit certain irregularities, both short-term and
long-term. The susceptible-infected—recovered (SIR) model, first proposed by Kermack and McKendrick in 1927, has
been widely adopted by researchers to analyze the spread and dynamics of infectious diseases [22]. Compartmental
models based on Ordinary Differential Equations (ODEs) are commonly employed to represent vector-host dynamics
in the transmission and control of dengue fever.

Recently, there is a rising interest in research focused on mathematical modeling to better understand the spread
of dengue epidemics [1, 19, 40]. The escalating incidence of dengue worldwide, with approximately half the global
population at risk, underscores the urgency for accurate predictive models that can assist in formulating public health
strategies [5]. Nevertheless, the majority of existing research focuses on statistical analyses of dengue incidence [6],
literature-based evaluations, or clinical monitoring efforts. While extensive research has been conducted on dengue
transmission in eastern countries like Malaysia, the incorporation of delay differential equations (DDEs) into deter-
ministic SEIR-SEI models remain relatively limited. This model refers to the susceptible-exposed-infected-recovered
for humans and susceptible-exposed for vectors. Therefore, this study fills that gap by proposing a refined model
of vertical transmission that incorporates delay effects that are focused on human dynamics. Given the ecological
importance of mosquitoes, controlling their population can disrupt the environmental balance. Hence, this model
emphasizes on human-centered delay strategies as a sustainable alternative for understanding and managing disease
dynamics. The primary objective of this research is to design a mathematical model to support long-term vector-
human coexistence without compromising public health. Some precautions can be applied for human safety. Existing
deterministic dengue models [19, 20, 26, 36, 38] were extended by incorporating a time delay parameter resulting in
a novel SEIR-SEI model with DDEs. Possible impacts of the biological control strategy on the spread of the disease
were investigated and a detailed discussion of sensitive parameters are presented. The stability analysis for both local
and global levels were studied under some assumptions on the reproduction number. For the computational analysis,
the standard and non-standard finite difference methods were applied to solve the DDEs. The non-standard finite
difference method (NSFD) was found to positively preserve the numerical results. In addition, the proposed approach
is in a good agreement with the biological properties of the model and independent of the time step size.

This article is structured as follows: A brief history and a review of the literature on dengue are presented in section
1. The formulation of a new model incorporating a time delay factor is discussed in section 2. Then, the equilibrium
points, as well as the existence and uniqueness of the new model’s solution is covered in section 3. The reproductive
number and parameter sensitivity of the reproductive number are presented in section 4, whereas the local and global
stability of the system are presented in section 5. The convergence analysis of the NSFD technique and the results
of numerical simulations and experiments at different points are showcased in section 6. Lastly, final observations are
concluded in section 7.
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FiGURE 1. Dengue transmission model of human and mosquito populations with delay effects.

2. DELAYED SEIR-SEI MODEL FOR DENGUE TRANSMISSION CONTROL

Modeling with DDEs is important in dealing with dangerous diseases like dengue. Implementing delay-based
intervention strategies in humans, for instance, has the potential to reduce the spread of dengue. Although the effects
may not be immediate, adherence to preventive measures can help limit the transmission of vector-borne diseases.
Motivated by this, existing mathematical models are modified by applying time delay measures between susceptible
and infected humans. Four compartments representing different human populations are set under the host population
N (t), namely the susceptible Sy (t), the exposed Ej(¢), the infected I1(t), and the recovered Ry (t). At the same time,
three compartments are set under the vector population Ny(t), namely the susceptible Sa, the exposed Es, and the
infected Is. This setting is converted into the following system and is displayed in Figure 1:

Ni=S+E+L+R, (2.1)
No = Sy + By + I. (2.2)
To analyze the transmission dynamics of infectious diseases, various parameters are incorporated into mathematical

models. These parameters help quantify factors such as infection rates, recovery rates, and population interactions,
providing insights into disease spread and control strategies. Table 1 outlines the key parameters used in this study.

2.1. Model Dynamics and Interactions. The DDEs that represent the proposed mathematical model are as

follows:
dS,

T = A0S e — Sy, (2.3a)
% = bB1S1 12677 — (s + ¢1) By, (2.3b)
% = o1 — ( +mn + &), (2:3¢)
L (2.3d)
dd—*i? =1 — bBaSaly — paSo, (2.3¢)
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dE.

= bB2Saly — (02 + ji2) B, (2.3f)

dI,

— =0yF5 — usl. 2.

7 02 E2 — pala, (2.3g)

with starting points

S1(0) >0, E1(0) >0, I1(0)>0, Ri(0)>0, S2(0)>0, FE(0)>0, I2(0)=>0. (2.3h)
Heret >0, 7 <t.

3. MODEL ANALYSIS

In this segment, a conceptual analysis of the dynamics exhibited by dengue infection is examined. This analysis
consists of model properties such as the positivity, boundedness of solution and model equilibrium states.

Theorem 3.1. The proposed model of disease possesses a non-negative solution, provided non-negative initial condi-
tions for all t > 0.

Proof. To prove the solutions’ positivity, each equation should be non-negative for non-negative initial conditions.
Evaluating each equation at the boundary, where the respective variable is zero yield:

ds
— = A—bB1S112e™"T — 1Sy = A >0,
dt S1=0
dE —0T —0oT
Tl = 051511267 — (u1 + ¢1) By = bB1S11e ™7 > 0,
t 1E=o
dI,
a =¢1E — (m+m+&) =g Ey >0,
=0
dR
71 =mh —mBr =71l >0,
t R1 =0
ds
7; =n—bB252I1 — p2S2 =n >0,
32:0
dE
72 = bB2So1y — (02 + p2) Ea = bB25211 > 0,
L FoR
TABLE 1. Descriptions and values of key parameters.

Parameter Description Value Ref
A The recruitment rate of the human or host population 60, 600 | [26], EE
n The recruitment rate of the vector or mosquito population 3000 [26]

Hi, 0 The natural mortality rate for human population 0.02877 [26]
W The natural mortality rate for vector population 0.1 [19]
& The disease-induced mortality rate of the infected humans 0.05 [26]
01 The rate at which the exposed human population becomes infectious 0.2 Assumed
" The natural recovery rate of the human or host population 0.1428 [26]
o1 The infectious rate of dengue virus from mosquitoes to susceptible humans | 0.000024 | Assumed
Ba The infectious rate of dengue virus from infected human to vector population | 0.000024 | Assumed
0 The rate at which the exposed vector population becomes infectious 0.2 Assumed
The average biting rate per vector per human 0.5, >1 | [19], EE
T Delay measures >0 Assumed
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—— =09F — pols = 03F5 > 0.
P 282 — p2d2 2bi2 =

I,=0
Since all the terms contributing to the rates of change are non-negative when the respective variable is zero, the
positivity of the solutions is ensured for all ¢ > 0, given non-negative initial conditions. ]

Theorem 3.2. Solutions of the system are all bounded in the feasible region €.

Proof. Let the total populations Ni(t) and Ny(t) be as given in Equations (2.1) and (2.2), respectively. Summing the
differential equations in each group give:

dNy dS1  dE; dL  dRy

a dt T at @ T a

dNy  dSe  dEs  dly

a@ ot o at a
Substituting the right-hand sides of these equations leads to:

dN
7; =A—bB151 e — St + vl — (p +m + &),
dN.
7; =n—- bﬁQSQIl — /JzSz + 92E2 — ,UQIQ.
Simplifying the terms yield:
dNy
— =A—u N, - &I
7 p1Ny — & 1q,
dN,
—= =1 — us V-
dt n H2iN2,
which are linear differential equations of the form:
dN
— =A—uN
dt M b)

where A = A for Ny and A = 7 for Ny. The solution is:
A A
N(t) = = + (N(O) - ) e k.
W
Therefore, for Ny (t) and Na(t), we respectively have:

M) = >+ (N1<o> - lf) -
1

No(t) = L+ <N2(O) - ”) e~Hat,

H2

As t — oo, the exponential terms e~ (#1181t and e~#2! approach to zero, hence:

A n
Nyi(t) - —, No(t) —» —.
1() M1 2() M2

Thus, the populations for both groups remain bounded:
A
Ni(t) < =, No(t) < L.
H1 2
Therefore, the total population for each group satisfies:
A
0<N(t) <=, 0<Ny(t)< L.
21 M2
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This ensures that all solutions remain within the feasible region €2:
A
0= {(Sl,El,Il,Rl,SQ,Eg,b) ERT |0< Ny(t) < e 0 < Ny(t) < /7} .
1 2
Thus, the solutions for the system are bounded in the feasible region. ([l

3.1. Model Equilibrium Points. This section presents the system using two types of equilibrium points, denoted
by €¢ and €1, representing the disease-free and endemic states, respectively:

Ui

A
g0 = (5(1)7E(1)7I?7R(1)ﬂsgaEgng) = (77070707 77070)3
M1 H2

&1 = (Sikinkajikv TaSg,I;)a

where
g — A x _ bB1S1Ire=0" . _ o1 E . _ vil1
U bBi e + ! pter T p A& T
I E
g n o B2bl1 52 I 02 2

Q_bﬂzflJr,uz7 2_92Jr,uz7 2 2

4. FUNDAMENTAL REPRODUCTION NUMBER

The system’s behavior is investigated using the fundamental reproduction number, denoted as Ry. This number
represents the average number of new infections generated by a single infected individual in a fully susceptible popula-
tion during the infectious period [9, 46]. This threshold value serves as a critical indicator to assess whether a disease
will propagate or subside within a population. This can be determined using the next-generation matrix method.
In this framework, the compartments representing the infected population are denoted as F;, I, and I, while the
non-infected population is represented by S7, Ri, and S;. The matrices G and H capture the infection generation
rates and the transition rates between different stages, respectively. The next-generation matrix method [41] is applied
to this system for analysis:

d
= = Glay) — H(x,y),
[051511,e~°" (p1 + p1)Er
G = 0 H — —p1 By + (1 +71 + &)L
Pabl1 Sy |7 (02 + p2)Eo
L 0 —02E5 + ol
Thus, at the disease-free equilibrium (DFE) points, both transmission matrices G and H are:
0 0 o0 bﬁlﬁe—éf b1+ 1 0 0 0
G 0 0 0 0 7 -0 mtr+& 0 0
0 bLp 0 0 ’ 0 0 Oy +ps O
| O 0 0 0 0 0 —05 723
Further calculations yield:
- L -
m1té1 0 0 0
Oap201 +I»¢g¢1 1 0 0
gl = p2(O2+p2)(1+e1)(vHui+€) vt
1 )
0 0 om0
0 1
L 0 0 142(922'*'#2) p2
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- bB162Ae~%T  bB1Ae™T 7]
0 0 u1;2?92+#2) le
0 0 0 0
e
GH™ = bBam (0221 +1361) bBan 0 0
w3 (O24p2) (p1+¢1)(yHui+£€1)  p2(y+pi+éi)
0 0 0 0

Thus, the reproduction value corresponds to the largest spectral radius is

o ¢ b1 fandzAge 7 @)

paps (02 4 pa) (1 + é1) (v +p1 + &)

The spectral radius GH ™! is assigned as the reproductive value and it is defined as Ry in this model.

4.1. Sensitivity Analysis of Parameters for Dengue Transmission. Sensitivity analysis facilitates the identifi-
cation of certain parameters that produce an impact on model outputs upon changes [38]. It enables the determination
of critical parameters that substantially affect the results. By assessing the model’s robustness, sensitivity analysis
clarifies areas requiring more precise data or refined assumptions. Furthermore, it contributes to model validation,
enhances the credibility of predictions, and supports informed decision-making by highlighting the most influential
factors. Sensitivity analysis in epidemic models examines how modification in certain parameters affects the system’s
dynamics and results. By systematically adjusting these parametric values, researchers can assess how responsive the
system’s predictions are linked to each modification. This process helps pinpoint the parameters that most strongly
influence the spread and management of the epidemic. The sensitivity analysis of the basic reproduction number Ry
with respect to each parameter is carried out. The partial derivatives of Ry for all parameters are computed and
analyzed on their effects using the following formula:

e . Parameter ORy

Sensitivity index analysis = e X SParamotor’ (4.2)
The associated partial derivatives of Ry are as follows:

dRy 2031 BonfoApre T .
db papd (02 + p2) (o + 1) (Y Hm + &)
dRy b2 31 B2 Apre " 0
A B O ) o) (&)
dRy b* 1 Banbagre T >0
AN g pd (02 + p2) (1 + ¢1) (Y +pa + &) T
dRy b2 Banba Apre™°" 0
By papd (02 + o) (1 + d1) (v + 1 + &) -
dRy b2 B1nfaAgpre=T -0
dBa  papd (02 4 p2) (m1 + 1) (Y + i+ &)~
dRy _ b*B1fanAgie 50
df>  pipiz (02 + p2) 2 (i + 1) (Y +pn + &)
dRy b?B1 BanbaAe 0T 50

dor 3 (02 + p2) (1 + ¢1) 2 (v + 1 + &)

dry  (5erwe ke ) OB Smbaddre )
- Gt o) tm e
dRy _ b2 B1 Banb2Apre 0T <0

dpuz paps (02 +p2) 2 (i + 1) (Y + &)
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Normalized Forward Sensitivity Index

06
b i A .]'1 ‘1‘2 !’\'2 oy Jiq Jio g '.:1
Parameters
FIGURE 2. Sensitivity index.
dRo _ b1 BanbaAgre " <0
dy s (02 + p2) (pa 4 ¢1) (v +pn +&1)2 7
Ry _ b5, Baf2A e~ 0
dé; pap3 (02 + pa) (1 + ¢1) (v + pa + &) 2 ’
dRy
— < 0.
& =

The Ry value is influenced by the parameters involved in the model. The magnitude of each parameter’s index
determines whether Ry will rise or fall in response to changes, as shown in Figure 2. A positive index indicates that an
increase in the parameter will lead to an increase in the reproductive number, whereas a negative index suggests the
opposite. Some parameters have positive sensitivity indices, indicating a direct relationship with Ry, while others have
negative sensitivity indices, reflecting an inverse relationship. These results show that increasing parameters related to
transmission, biting, and birth rates and decreasing parameters related to recovery, mortality, and transmission rates
can have notable effects on the model’s reproductive number. The sensitivity analysis of Ry was performed to examine
how different parameter pairs influence disease transmission. In Figure 3, the first case explores the relationship
between the mosquito biting rate b and human recruitment rate A, where an increase in either parameter leads to
a rise in Ry. This emphasizes the importance of reducing mosquito exposure and controlling human recruitment to
minimize disease spread. The second case analyzes mosquito recruitment 7 and the infection transmission probability
(1, showing that increasing mosquito recruitment and an increased probability of infection significantly elevate Ry.
This confirms the necessity of vector control measures such as larvicidal treatment and environmental sanitation. The
third scenario examines the impact of the progression rate from exposed to infectious ¢; and disease-induced mortality
rate &1, where a higher ¢; increases Ry due to a faster transition of individuals into the infectious state, whereas an
increase in &; decreases Ry by removing infected individuals from the population. This suggests that early medical
interventions and improved healthcare access can alter the disease dynamics. Lastly, the fourth case investigates the
effect of the incubation delay 7 and the transition rate of exposed mosquitoes to the infectious stage 6o, revealing
that a longer incubation period 7 reduces Ry, while an increase in 65 enhances transmission. These findings indicate
that controlling environmental factors affecting mosquito development, such as temperature and humidity, could help
mitigate disease transmission. Overall, the analysis underscores the significance of an integrated approach involving
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vector control, public health interventions, and early treatment strategies to effectively reduce the spread of the disease.
Furthermore, Figure 4 illustrates the impact of mosquito mortality puo on the infected mosquito population I over

Sensitivity Analysis of R0 for Different Parameter Pairs
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FIGURE 3. Sensitivity analysis of R for selected pairs of parameters.

time. The results indicate that as the mosquito mortality rate increases, the number of infected mosquitoes decreases.
This outcome aligns with the expected epidemiological behavior, where higher mosquito mortality reduces the vector
population, ultimately limiting the transmission cycle. The decline in infection highlights the effectiveness of vector
control strategies, such as insecticide-treated nets and environmental management, in reducing disease spread. Figure
5 presents the effect of human recruitment A on the infected human population I;. As the recruitment rate increases,
there is an initial rise in the number of infected individuals, suggesting that a higher influx of susceptible individuals
into the population contributes to sustained transmission. However, depending on other epidemiological parameters
such as recovery and control measures, the long-term infection dynamics may vary. This finding underscores the
importance of considering population growth and human movement patterns when designing intervention strategies.

Figure 6(a) demonstrates the influence of two critical parameters, biting rate b and time delay 7, on the transmission
dynamics of a vector-borne disease model. In the first figure, increasing the biting rate b from 0.1 to 0.7 significantly
amplifies both populations of the infected human I; and mosquito I5, leading to earlier and sharper infection peaks.
This reflects the enhanced force of infection due to more frequent vector-host interactions as represented in the model
equations. In contrast, Figure 6(b) explores the effect of introducing a time delay 7 in the force of infection term
bB1S1Ie=%7. As T increases, the infected human population experiences a substantial reduction in peak size and a
delayed outbreak, indicating the dampening impact of delayed transmission on disease progression. Both parameters
demonstrate the model’s sensitivity to biological and behavioral mechanisms that govern the spread of infection. Thus,
it is observed that parameters with a positive sensitivity index increase the disease transmission whereas the parameters
with a negative sensitivity index decrease the transmission of the disease. In short, the numerical simulations have
illustrated that variations in the biting rate and the incorporation of time delay significantly influence the infection
dynamics. These results emphasize the sensitivity of the model to key transmission parameters and support the need
for timely and targeted intervention strategies. Building upon these insights, the following section focuses on the
analytical investigation of the model’s local and global stability, providing a deeper understanding of the system’s
long-term behavior under various epidemiological conditions.
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Effect of Mosquito Mortality on Infection Spread Effect of Human Recruitment on Infection Spread
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FI1GURE 6. Combined behavior of system with parametric values.

5. STABILITY ANALYSIS

This section discusses the analysis of local and global stability at both DFE and endemic equilibrium (EE) points,
employing the Routh-Hurwitz criterion and a Lyapunov function with certain properties.

5.1. Local Stability.

Theorem 5.1. The system’s DFE point, g, is locally asymptotically stable when Ry < 1.

(=)=
E)NE
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Proof. Linearizing the system with ¢y leads to the Jacobian matrix approach:

[— 11 0 0 0 0 0 —bBie 0T AT
0 —p1—é1 0 (U 0 bfe 07 A
0 ¢ —m-m-& 0 0 0 0
J=10 0 a1 — 0 0 0
0 0 —bBa L 0 —p2 0 0
0 0 b2 0 0 —02—po 0
0 0 0 0 0 02 — iz

Letting the characteristics equation |J — AI| = 0, we have:

—p1 — A 0 0 0 0 0 —bﬁle_‘”ﬁ
0 —p — 1 — A 0 0 0 0 bﬂle*‘”é‘—l
0 1 —p1 =71 —& — A 0 0 0 0
0 0 T —p1 — A 0 0 0 —0.
0 0 —bfa-L 0 —po — X 0 0
0 0 b2 L 0 0 —0y — gy — A 0
0 0 0 0 0 0 —pg — A

From the matrix, some of the eigenvalues are directly determined as follows:
AL =—p1, A= —p1, Az = e

We used Mathematica software and applied the Routh-Hurwitz criterion to verify that all values are negative. The
remaining eigenvalues can be calculated from following the characteristics equation:

At + AgX® 4+ AN + A\ + A5 =0,
where
A =1,
Ay =1 + 02 + 201 + 2u2 + &1 + @1,
Ag = 7102 + Y11 + 2712 + 101 + 20241 + Oapiz + 0281 + 0261 + i1 + Ay pio + s + pady + po
+ 20281 + 2p201 + S101,
Ay = 102011 + 1102012 + 110201 + 2112 + Y12 + 2910201 + Oapin” + 20201 p2 + 20161
+ O2p1¢1 + Oapin&y + Oapon + 02611 + 2u1° po + 201 pi2® + 201 poés + 21 pan
+ 1261 + p2’d1 + 22161,
b?B1 BanbaApre " '
12

As = poa(02 + p2)(p1 + é1) (v + 1 +&1) —

As can then be rewritten as:

B B b B1 Banb2Apre 0T )
As = 1202 + p2) (1 + 1) + i + &) (1 MW%(HQ + o) (p 4 é1) (71 + pa + &)

= p2(02 4 p2) (1 + 1) (7 + 1 + 1) (1 — RY) -
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Therefore,
As >0& Ry < 1.

Hence, by using the Routh-Hurwitz criterion, the DFE is €9 which proves the local asymptotic stability. |

Theorem 5.2. If Ry > 1, the system’s endemic equilibrium point, €1, is locally asymptotically stable.

Proof. Linearizing the system around e; leads to the following Jacobian matrix:

[—bB1I5e 0 — 1y 0 0 0 0 0 —bB1SFe 0T
bB1I3e " —p1 — @1 0 0 0 0 bB1STeT
0 #1 “-m-—n-& 0 0 0 0
J= 0 0 M — 0 0
0 0 —bf3255% 0 —=bBaIf — o 0 0
0 0 bB255 0 bB2 I —03 — o 0
0 0 0 0 0 —b, — 2
Converting the matrix into lower triangular form:
[—bB1 1570 — 1y 0 0 0 0 0 0 7
bB1Ie= 0T —p1 — b1 0 0 0 0 0
0 b1 —-m-—n—-& 0 0 0 0
J= 0 0 gl — 0 0 0|
0 0 —bp255 0 —bBaI{ — 2 0 0
0 0 bB2S5 0 bBI7 —b—p2 0
0 0 0 0 0 —0s — 2

the eigenvalues of a lower triangular matrix are the entries along the main diagonal. Thus, the eigenvalues of J are:
A =-bBil3e " — 1, Ao=—p1—¢1, Az=-—m—m—&, M=-—pu,
As = =bBolf — pz, A¢ = —bo —po, A7 = —po

Since all diagonal values are negative, the endemic points are asymptotically stable. O

5.2. Global Stability.

Theorem 5.3. The DFE point e = (%, 0,0,0, %,0,0) of the given system is globally asymptotically stable (GAS)
when Ry < 1 and unstable when Ry > 1.

Proof. Consider a Volterra-type Lyapunov function [32, 33, 37] U : Q@ — R:
U=8—-S%InS, +FEy+ 1 + Ry + Sy — S9In Sy + Fy + I,.

Computing the time derivative of U:
. SO\ . ) .. SO\ . ) .
U=(1-ZL)Si+E+L+Ri+ (1-2) S+ By + I,
S1 So
B8O
BE
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and substituting the model equations for the given system yield:
S1=A—bp1S1Ioe™ — 11154,
By = bB1S1Iae™"" — (u1 + ¢1) En,
L =By — (u +7 + &),
Rl =yl — 1 Ry,
Sz =1 — 0825211 — p2Ss,
By = bB3S211 — (02 + p12) B,
Iy = 02E5 — pols.

Substituting the latter equations into U, we obtain:

. 50
U= (1 - 51) [A = bB1S1 e — p1S1] + [bB1S112e ™7 — (11 + 61) B4 ]
0

S.
+ [0 By — (o +1 + &) 0]+ [v]n — pRa) + (1 - Si) [N — bB2SaI1 — 2 Ss)
+ [bB2S21y — (02 + p2) Eo] + [02 By — piol] .

LetSY = % and S§ = Mlz Then, U is simplified into:

U= —% (51— S?)z — (1 + 1) By — (1 +m + &) — Ry — %z (83 — 58)2

SO S9
— (2 + 02) B — pols + Sfibﬂﬁﬂze_& + ?Zb525211-

We now analyze U. For Ry < 1, we have:
bBre " < p1, and  bBsy < po.
Thus:
U<o.
Equality holds (U = 0) if and only if:
S =8, S,=8Y, E; =0, I=0, R =0, Ey=0, I,=0.
Hence, the DFE ¢g is GAS when Ry < 1. O
Theorem 5.4. For Ry > 1, the system is GAS at the indicated point ;.

Proof. Suppose Rg > 1. The Lyapunov function £ : R% — R is constructed by the following formula:
1 1
L=5[51 =57+ (B — EN) + (L = ) + (B — R+ 5 [(82 = 53) + (B2 — B3) + (12 - ).

Differentiating £ with respect to t,

d
L= [(51—S{)+(E1—Ef)+([1—If)+(R1—R’{)]~%(Sl+E1+Il + Ry)

d
+ (82 = 53) + (B2 = B2) + (I2 — I)] - o (S2 + B + 1),

and substituting the system’s dynamics yield:

L=[(51-5))+Er—EY)+ (I = I7) + (B — R [A = (St + Er + L1 + Ra) — &4
+[(S2 = 83) + (B2 — E3) + (I — I3)] - [ — p2(S2 + E2 + 1)) .
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Using the limiting relations Ny < ﬁ and Ny < /%’ we have:

L<—p[(S1—87)+ (By—Ef)+ (It — I) + (R, — R})] - [(S1 + By + Iy + Ry) — (S§ + Ef + I + Ry}))
— 2 [(S2 = 83) + (B2 — E3) + (I — I3)] - [(S2 + B2 + I2) — (S5 + E5 + I3)].
Thus,
L<—m [(S1=S7) + (Br = BY) + (L — I}) + (R — R = 2 (S5 = S5) + (B2 — B3) + (I — I3)]”.
Therefore, £ < 0 and £ = 0 if and only if:
Si=Sf, Ei=E;, L=I, Ri=R, S=5, BEy=E, L=I.

Therefore, the largest invariant set in {(Sl, Ei,I,Ry,S:,FEa,I5) € Q: % = 0} is the equilibrium point. By LaSalle’s

Invariance Principle, the system is GAS in €. ]

Now, we present the numerical analysis of the proposed model to validate the theoretical findings and illustrate the
dynamic behavior of the system.
6. NUMERICAL ANALYSIS

Numerical methods play a crucial role in solving differential equations, with each technique offering distinct ad-
vantages depending on the problem’s nature. The Runge-Kutta fourth-order (RK4) method is a widely used explicit
scheme known for its high accuracy and stability in handling smooth, continuous systems. In contrast, the Non-
standard Finite Difference (NSFD) method incorporates innovative discretization rules that often preserve the key
physical properties, such as positivity and conservation laws, making it particularly effective for problems where tradi-
tional methods fail. In this study, we applied the RK4 and NSFD methods to solve an epidemiological model. While
RK4 offers highly accurate results, they can diverge at certain points, limiting its reliability for complex systems. In
contrast, the NSFD method remains stable and convergent, ensuring more accurate and biologically realistic results.
This makes NSFD a more reliable choice for simulating disease dynamics and evaluating control strategies. Here, we
investigate two finite difference schemes to analyze the dynamical behavior of the system, specifically employing the
NSFD method to effectively handle its complexities. Furthermore, we will look at the stability of the NSFD method
at the DFE point of the SEIR-SI model.

6.1. Runge-Kutta Rourth-Order Method. The explicit RK4 scheme is applied on the SEIR-SEI system as follows:
ki =h[A—bBSPIye " — 11 S7],

1 =h[bB1ST IS e " — (u1 + ¢1)ET]

my = h[EY¢1 — (p1+ 7+ &)IT],

o~

ny = hnl{ — umRY],
01 =hn—bBaSy I — 112557,
p1 = h[bB2I]'Sy — (02 + p2) B3],
q1 = h[02E5 — p213],
[ n k n q —OT n ]f
k2:h_A_bﬁl(51 +21> I +§1>3 T — <S1 +21>}7
| n k n 4q —oT n l
=nfom (st ) (15— o (5143 )]
[ n l n m
m2:h_¢1(E1 +21>—(M1+71+§1)(I1 +2l>}7
_ no, M1\ no, M
nz—h_%(f1+ 2) H1<R1+ 2)},
[ o m 18]
o= hln=vpe (53 +5) (1 + 75 ) —me (8545
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[0 (574 2) (0 2) - ) (55
Q2:h_92(E2+?)*H2(I§+%1)},
kgzh:A—bﬁl(S{"ﬁ—k;)(I;—Irq;)e_&—m(S{l—Irk;)},
= o (574 2) (13 + ) e u o) (B0 4 2 ) .
m3_h_¢1(E?+l22)(M1+’Yl+ )(Q*)}v

o () ()]

o=+ ) (- 22) = s+ )]

o (1 2) (5 2) 0 ()]
o (250 2) s (4 2]

ka = h[A—bB1 (ST + ks) (I3 + gs) e™°" — pua (ST + k3)]
ly=h [bBy (S? +ks) (I3 +qs) e — (1 + 61) (B} + 1],
ma = ho1 (BY +13) — (1 + 7 + &) (T +m3)],

ng = hly (I7' + ms) — p1 (RY +n3)],

04 = h[n—0bB2 (53 + 03) + (I{" +ms3) — p2 (S5 + 03)],

pa = h[bB2 (53 + 03) (IT +m3) — (02 + p2) (E3 +p3)],

qa = h [0 (B +p3) — pa (I3 +g3)] -

Therefore, the recursive formulas for the numerical solutions are:

CHARIES R 6 [k1 + 2ky + 2ks + k4], (6.1a)
Ertt = B+ 6[11 + 2l + 213 + 14, (6.1b)
mt =14 é[ml + 2mg + 2m3 + my], (6.1c)
R]H'l = R} + %[nl + 2n2 + 2ng + nyl, (6.1d)
S”‘H ST+ (13[01 + 209 + 203 + 04), (6.1e)
Byt =13 + é[pl + 2p2 + 2p3 + pal, (6.1f)
LT =13+ %[fh + 2g2 + 2g3 + qu], (6.1g)

where h is the step size and n =0,1,....

6.2. Non-Standard Finite Difference Method. This section covers the formulation of the NSFD method along
with its convergence and consistency analyses. These analyses are crucial for ensuring the reliability and accuracy of
the method in solving epidemiological models. Convergence refers to the ability of the numerical solution to approach
the exact solution as the step size tends to zero, while consistency ensures that the method approximates the differential
equation correctly at each step. Through rigorous convergence and consistency analysess, we can confirm that the

(&)
ENE
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NSFD method provides accurate and stable solutions even for complex, nonlinear systems, thus ensuring its robustness
in modeling disease dynamics. Discretizing Equation (2.3a) using the NSFD scheme yield:

1
S{H_ _S? _ n+1n _—81 n+1
7}1, = A—bﬁlSl 126 —/1151 s

where h is the step size and n is the number of iterations as n = 0,1,2,3,4..... Rearranging the equation, we

obtain Equation (6.2a). Similarly, Equations (2.3b) to (2.3g) are discretized resulting in Equations (6.2b) to (6.2g),
respectively.
ST + hA
Sptt = ! 6.2
1 1+ hbByIye—" + hpy | (6.22)
E} + hbB SpI5e°"
1+ h(p1 + ¢1)
I+ h E}
= 1+ hor By : (6.2¢)
L+h(u+m +&)
R} 4+ h I
Ryt = LN (6.2)
14+ h
Sy + hn
Syt = = 6.2
2 1+ hbBoI™ + hpy’ (6.2¢)
EY + hbBa Sy I
Entl 22 271 6.2f
2 1+ (0 + p2) (6.2f)
I3+ hoEY
14 hpe

Eptt = (6.2b)

n+1
I2

6.2.1. Convergence Analysis.

Theorem 6.1 (Positivity). There is only one positive solution, (Si, E1, 11, R1,Sa, B2, Is) € RY, for alln >0 for any
initial value (Sl (0), E1 (0), Il (O), R1 (0), SQ (O), EQ(O), 12 (0)) € R;_

Proof. The conclusion holds for n = 0 based on the given hypotheses. Assuming that the conclusion is valid for some
n > 1, it can be observed that the right-hand side of each NSFD equation remains positive when all of the parameters
are positive. It follows that all the entries of S7t, B p+t pptt gotl potland I3t are positive numbers.
By mathematical induction, the positivity is proven. (Il

In this segment, convergence analysis of NSFD will be done at the DFE points ¢y = (ﬁ, 0,0,0, %, 0, 0). Suppose

we have the following:

S7+ hA ED + hbBySPIned7

C=8" = , D=E}! =

1 14 hbB1Iye=57 + hyuy ! 1+ h(pr + ¢1)
F=I7= I+ ho EY , G=R= R’y +h71I{L7

L+ h(p +m + &) 1+ hiy

H— gntl — Sy + hn e E3 + hoBa 1753

2 1+ hbBoll + hug’ 2 1+ h(0s + po) ’
K i1 _ 1B ho B

=qptt=2T 7%

14+ hus
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Differentiating C, D, F, G, H, and J with respect to S1, E1, I, Ry, S2, Es, and I, we obtain the following Jacobian
matrix of the equations:

Csl CEl Cfl CRl CS2 CE2 CIZ
Ds

2

HS'1 HEI Hll HR1 HS2 HE2 HIZ
J51 JEl Jll JRl JSQ JE2 JIZ

_KSI KEI ‘]11 KR1 KSQ KEz KIz
Substituting the values into J yield:
B A —87T\
1 A (_pbBre0T)
Trhm 0 0 0 0 0 BT
A —or
1 A (hbpre="T)
0 TR Fo0 0 0 0 0 EEmET
heé 1
0 1+h(M1+171+§1) 1+h(p1+v1+£€1) 0 0 0 0
_ h 1
J= 0 0 1+7Lin T+hu 0 0 0
AL —hbBs .
0 0 liJrhm 0 TFhis 0 0
i (hbpB2) 1
0 0 et O O TrETm 0
ho 1
- O 0 0 O 0 1+h2Mz 1+hps J
Taking det(J — M) =0,
A .
1 A (~hbBre®7)
T~ 0 0 0 0 0 BT
A —06T
1 A (hpBre~0T)
0 TR A 0 0 0 0 B e
ho 1 -
0 1+h(u1+171+£1) T+h(pi+71+61) A 0 0 0 0
h 1
0 0 == T A0 0 0
1L —hbfa )
0 0 s 0 . 0 0
L (hbBs,) 1
0 0 1;;’21(92+#2) 0 0 T+h(02+p2) A 0
hos 1
0 0 0 0 0 1+hpz T+hps A

(&)
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after putting it equal to zero and taking determinant three of its eigenvalues are ﬁm’ ﬁ, and 4_1“2. Using
Mathematica, the remaining matrix are obtained as follows:

e rremrry B 0 0 ﬁ(%ﬁ;f%)
1+h(ufﬁlwl+§1) 1+h(u11+71+§1) - A 0 0 .
0 1§é:2bfit)z) 1+h(012+;42) —A 0
0 0 i T ~

The rest of the values were analyzed by Mathematica and they satisfied the condition. Therefore, our scheme is
convergent.
6.2.2. Consistency Analysis. In this section, consistency of the numerical method is examined by employing the
expansion of a Taylor series. We begin by selecting the first equation from the numerical integration model and
expanding it using Taylor’s series for S™+1!,

dSy  h*d*S, hPd3S,

n+1 _ aon
SUU =S o Taas

N (6.3)
Then,

STHL(1 4 hbB1I5e " + hjuy) = ST + hA,
ds, h*d*S,  h*d3S,

n h]i _ .
<Sl a T2 ae T s

T ) (14 hbBiIye " + huy) = ST + hA,

ds ds ds
ST+ hSTbB I e 0T + ST hyy + h——r + B2 LbB I e "7 + B2y —

dt dt Yar
W2 28, hPd3S, s .

s, ds ds
S b BT+ hml)

dt dt

h <5{Lbﬂlfgeéf + STy +
(P d?S,  h*dS,
20 at2 " 3 ar®

We obtain as follows:

+ - > (14 hbBiI3e T + huy) = hA.

SPOBIEe " 4 S+ DL Py, oy, O
+ (G SR ) (L MBI ) = A (6.4)
Taking h — 0 yield
ST IEe" 4 Sim + L < A,
== dd—‘? = A — SDB IYe" — STy (6.5)

This outcome suggests that the discretized equation aligns with Equation (2.3a) from the model.
Similarly, Taylor expansion is applied on E}"!, from Equation (2.3b),

dE;  h?d*E; hi’ d*E,

En+1 —_ En hi v
1 Lt Y e T s

(6.6)

(=)=
E)NE
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From the following expression,
EyT 1+ h(py + ¢1)) = E} + hbp S I5e ™", (6.7)

we obtain

dE dE R’ d*E;  h®dPE
EY + EPh(un + ¢1) + h—— + h* (1 +¢1)—1 + <1 + = +)

dt 21 dr2 31 dr (6.8)
X (14 h(puy + ¢1)) = EY 4+ hbBy SPIGe 0T,
Then, as h — 0, we have
dE
dtl bBLSTIY e — (1 + ¢1)EY. (6.9)

Analogous to the calculations for S}*! and E7"*!, applying Taylor’s series expansion on I7!, R*H+ [t pott
and T4 respectively from equations (2.3c), (2.3d, (2.3e), (2.3f), and (2.3g) yield:

dl (h d’IL,  hrdL

I
+h(p +m+&)—- a2 T3 B

(11 4+ €I + . ) (L4 h(s 47 +€)) = 61 E7, (6.10)

dt dt
1u1+d5 +h 1d£1+<;€1§1 };jcit]?+--~>(l+hu1)=%f{’y (6.11)
bl Sy + oSy + o 4 (;dde ras )k BT+ ) =, (6.12)
(92+u2)+%+h(92+u2)%+ (;d;f? %jd;g? +> (1+h(02 + p2)) = bB211'S3, (6.13)
I2M2+dd1 +h2ddlt2 (;cgtf; ’?fd;{;Jr...)(Hhm):g?Eg. (6.14)
Taking h — 0, we obtain:

L = 1B} — (a +m + E)IF, (6.15)
% =l — mRY, (6.16)
% =1 — bB IS} — 1257, (6.17)
W b3y S5 — (02 + 1) . (6.18)
% = 0o EF — oI} (6.19)

Therefore, the NSFD method aligns with the system’s behavior and hence, is consistent with the model.

6.3. Numerical Results. This section presents the numerical results of the system (2.3b)-(2.3g) using both the RK4
schemes from Equations (6.1a)-(6.1g) and the NSFD method from Equations (6.2a)-(6.2g). The results were generated
using MATLAB with the following initial conditions at ¢ = 0: for the human population, the susceptible individuals
S1 = 55784, exposed E; = 250, infected I; = 216, and recovered R; = 0. For the mosquito population, the susceptible
individuals Sy = 168000, exposed Fo = 10, and infected I = 5. The time delay factor was not applied in the first
three cases. The behavior of solutions from RK4 and NSFD methods are investigated. Then, the time delay factor
was applied for cases 4 and 5. In addition to the behavior of the numerical solutions, the classes and reproductive
behavior are also analyzed.

Case 1: The graphs of the human and mosquito populations are displayed in Figures 7-10, respectively. These
figures illustrate the graphical outputs of the SEIR-SEI system at DFE and EE points using the model’s initial data.
These results show that the system tends toward the DFE and EE points, €9 and €1, respectively. This behavior
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F1GURE 7. Human population, h = 3.5.

indicates stabilization at an endemic state. The basic reproduction number is Ry = 0.4868 < 1 while in an endemic
state, it is Ry = 3.3255 > 1. These figures also reflect the combined effects of various model components, confirming
the model’s ability to capture key aspects of dengue fever transmission in both populations.

Case 2: Initially, both numerical schemes were evaluated with step size h = 3.5, where they successfully converged
to the steady states €y and ¢, corresponding to the DFE and EE points, respectively. The solutions remain positive
and bounded within the basic feasible region, indicating numerical stability and consistency with the continuous model.
Furthermore, when the step size was set to h = 5.5, the graphs continues to show that the system dynamics tend
toward the DFE point €5. However, the behavior changes for 1. The basic reproduction number Ry = 0.4868 remains
less than one for disease-free and 3.3255 for endemic which is greater than one. The RK4 and NSFD results remain
accurate for disease-free points. For endemic points, RK4 method generated divergent results whereas the NSFD
method convergent towards the steady states. The trajectories are displayed in Figures 11-14.

Case 3: In contrast, when the step size is increased to h = 8, with the system initialized near the DFE and
EE points, a notable difference in the behavior of the numerical results was observed, as shown in Figures 15-18.
The RK4 method fails to maintain stability and diverges from the expected solution, indicating sensitivity to larger
step sizes. However, the NSFD method continues to produce a stable solution that converges toward the disease-free
steady state. This supports the frequent use of the NSFD method in solving epidemiological models like dengue,
malaria, and Rift Valley fevers [44]. This method ensures that the DFE and EE states are accurately captured, even
under large time steps. These features are crucial when simulating long-term behavior in systems that involve disease
transmission, control interventions, and population dynamics. The RK4 method, on the other hand, might require
additional tuning (like adaptive step size control or error correction) to avoid numerical instabilities, which can be
computationally expensive and less efficient.

Case 4: In this case, we undertake a comprehensive analysis of the impact of incorporating the endemic equilibrium
into the mathematical model designed to study the dynamics of dengue fever transmission. The concept of endemic
equilibrium refers to a state in which the disease persists in the population at a constant level over time, without either
dying out or leading to widespread epidemic outbreaks. Including this equilibrium in the model allows us to examine
the long-term behavior of the disease under realistic conditions and provides a more accurate representation of how

(=)=
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FIGURE 9. Mosquito population, h = 3.5.

dengue fever behaves in a population over extended periods. One of the critical parameters explored in this extended
model is the time delay or exponential time delay, which represents the latency or delay between various biological or
behavioral processes for instance, the delay between infection and the onset of symptoms, or the delay in implementing
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control measures after identifying cases. Our analysis reveals that this delay plays a pivotal role in shaping the
overall trajectory of the disease. As shown in Figure 19, when time-delay strategies are introduced into the system
either through delayed treatment, postponed vector control, or incubation periods there is a marked increase in the
vulnerability of the human population to infection. This heightened vulnerability implies that susceptible individuals
are at a greater risk of contracting the disease, possibly due to prolonged exposure or the inefficiency of delayed
an
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FIGURE 13. Mosquito population, h = 5.5.

responses in curbing transmission. However, an interesting counter-effect is observed in the infectivity of individuals
who are already infected with dengue fever. With the implementation of time-delay mechanisms, the infectiousness
of these individuals tends to decrease over time. This may be attributed to delayed isolation, treatment, or natural
disease progression that limits the period during which an individual can transmit the virus. In certain scenarios,
this infectivity can reduce so significantly that it nearly approaches zero, indicating that the individual’s potential
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to spread the disease becomes negligible. This dual behavior where susceptibility increases but infectivity decreases
suggests a complex interplay between time-dependent factors and disease dynamics. It highlights the importance
of precisely timed intervention strategies, such as timely diagnosis, early treatment, and immediate vector control,
in order to manage and potentially suppress the spread of dengue fever effectively. Thus, the incorporation of the
endemic equilibrium and time delay into the model not only enriches our understanding of the disease’s behavior but
also underscores the need for time-sensitive public health policies to mitigate its impact.
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Case 5: The comparison graph of the reproduction number and the chosen delay term (awareness, mosquito
repellent and any government imposed factor) in Figure 20 illustrates that increasing the delay strategy effectively
helps control the spread of dengue fever.
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Hence, from the numerical results of different investigations, it is clear that we applied different mathematical
methods to understand the influence of delay strategic planning in affecting the behavior of the SIER-SEI model. All
in all, the numerical simulations highlight the effectiveness of the proposed SEIR-SEI model under varying conditions.
While RK4 performs well for smaller step sizes, it becomes unstable for the larger ones. However, the NSFD method
remains robust and reliable throughout [3, 4, 11, 32, 33, 37]. These results emphasize the importance of choosing
appropriate numerical schemes for accurate disease modeling. The NSFD method proves to be a valuable tool in
simulating the long-term dynamics of dengue transmission.
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7. CONCLUSION

In recent years, vector control and immunological strategies have emerged as promising approaches for dengue pre-
vention and treatment all over the world. By targeting factors such as Wolbachia-infected mosquitoes and enhancing
the host immune response, researchers aim to reduce dengue virus transmission and severity. However, individual
and regional responses have varied significantly, and much remains unknown about the underlying biological and en-
vironmental causes. Moreover, conventional strategies that focus heavily on mosquito eradication may pose ecological
risks, as mosquitoes contribute to biodiversity by serving as pollinators and a food source for other species. Recog-
nizing these ecological implications, our study proposes a more balanced approach by emphasizing human-centered
interventions. Specifically, we incorporate a delay factor in the human population to reflect real-world phenomena
such as delayed awareness, diagnosis, or treatment. This choice was driven by the need for a dynamic, adaptive,
and cost-efficient framework that balances disease reduction with resource constraints. This modeling choice offers a
sustainable and ethically responsible framework for disease control, aligning public health goals with the preservation
of ecological integrity. That is why in contrast to previous dengue modeling efforts, which predominantly employed
classical SEIR with SIR framework without delay considerations, this study presents a novel SEIR-SEI model based
on a system of DDEs incorporating delay factors. The inclusion of delay parameters reflecting incubation periods,
treatment response time, and vector development provides a more realistic and robust framework for understanding
dengue transmission. The innovative aspect of our research lies in utilizing numerical approaches for the DDE system.
This work significantly contributes to a deeper understanding of the complex spatiotemporal dynamics of dengue
transmission and the stability of key attractors (e.g., DFE and EE) under various realistic conditions.

The developed model incorporates four distinct subpopulations for humans: susceptible, exposed, infected, and
recovered individuals, and three for vectors: susceptible, exposed, and infected. The analysis focuses on critical
aspects such as the threshold parameter, equilibrium points, and positivity of the model. Additionally, the sensitivity
of model parameters is thoroughly discussed. By performing a comprehensive sensitivity analysis, some key parameters
such as transmission rates, delay periods, and other factors that significantly influence the basic reproduction number
and the disease dynamics are identified. The most sensitive parameter involved is the biting rate b, the recruitment
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rate of the human or host population A, and the transmission rate ;. Therefore, we can reduce diseases by the
time delay factor 7. It is indeed vital to equip and engage individuals who can serve as advocates and actively
raise public awareness. These trained individuals will play a key role in motivating communities to adopt different
strategies for lowering transmission rates. Promoting preventive actions such as wearing long-sleeved clothing, regularly
applying mosquito repellent, and maintaining proper hygiene can significantly help in controlling the spread of dengue.
Furthermore, awareness initiatives led by these advocates can inspire people to think innovatively and take proactive
steps to further reduce the risk of transmission. These findings demonstrate that our model provides a more realistic
representation of dengue transmission and serves as a powerful analytical tool for assessing intervention strategies.
The model’s structure allows for flexible integration of control measures like treatment, awareness campaigns, or
Wolbachia mosquito deployment, making it particularly valuable for scenario-based simulations and public health
planning. Therefore, this work contributes both theoretically and practically to the understanding and management
of dengue in endemic regions.

Local stability is assessed using the Routh-Hurwitz and Jacobian criteria, while global stability is ensured through
the LaSalle invariance principle and Lyapunov theory. Our findings demonstrate that the DFE is locally and globally
asymptotically stable when the basic reproduction number is less than unity, whereas an EE emerges when it exceeds
unity. Finally, we have applied the numerical schemes of RK4 and NSFD methods on the proposed model to acquire
numerical solutions of the SEIR-SEI dengue delay transmission model. RK4 is not suitable for large step sizes but the
NSFD method demonstrates superior stability, robustness, and adherence to biological bounds even over extended time
intervals. The results reveal that the NSFD method is both stable and reliable. In modelling the spread of dengue, the
NSFD method offers considerable advantages, particularly regarding accuracy, stability, and computational complexity.
It is specifically designed to preserve essential properties of continuous systems, such as positivity and convergence,
which are critical for biological epidemic models. To complement the theoretical analysis of the dengue transmission
model, we employed the RK4 and NSFD methods not merely as numerical solvers, but as validation frameworks for
model fidelity. The RK4 method provided highly accurate time-step predictions suitable for short-term forecasting,
while the NSFD scheme preserved the model’s biological consistency and positivity of solutions, even under larger step
sizes. Their combined use demonstrated that the mathematical integrity of the model is maintained across different
numerical regimes. This hybrid approach strengthens the model’s applicability to real-world policy simulations, where
precision and structure preservation are both critical. Therefore, the inclusion of RK4 and NSFD serves not as a
redundancy, but as a strategic bridge between theoretical rigor and computational practicality. Overall, the NSFD
method is preferred for long-term integration of epidemic models as it maintains the qualitative dynamics of the system.
These findings are relevant globally, where public attitude, government support, and environmental conditions play a
critical role in dengue transmission. By incorporating these socio-environmental factors into the mathematical model,
we propose a flexible and context-aware modeling framework suitable for varying public health landscapes and regional
dynamics. Furthermore, this model can be extended globally, enabling other dengue-endemic countries to tailor control
strategies based on local perceptions, environmental dynamics, and healthcare infrastructure. The future directions
include stochastic, fractional, and fuzzy extensions of the current work.
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